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Should Firms Invest in Social Commerce? An Integrative Perspective  

  

Abstract 

Integrating resource-based view and opportunity–motivation–ability framework, we theorize that 

social commerce represents firms’ opportunity to access valuable social media resources and gain a 

competitive advantage. We further argue that product uncertainty and firm reputation indicate firms’ 

motivation and ability, respectively, to use the social media resources, affecting the extent to which the 

competitive advantage can be realized. An event study of 275 social commerce initiatives announced 

between 2006 and 2011 supports our arguments, showing that social commerce increases firms’ stock 

returns, but such increases are more significant for firms selling products with high uncertainty and 

having high reputation.  

 

Keywords: social commerce; stock return; event study; resource-based view; opportunity–motivation–

ability framework  
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1. Introduction 

With its growing popularity and influence, online social media, such as Facebook and Twitter, is 

transforming politics, social norms, and the way business is conducted [63]. In view of this emerging 

trend, firms have started to integrate social media technologies into their sales and marketing processes. 

This new phenomenon is commonly known as social commerce [71,83]. For instance, firms can use 

various social media platforms to interact with both existing and potential customers, while customers 

are also able to interact with one another on these platforms. In fact, firms are actively leveraging social 

media to support different phases of their sales and marketing processes. For example, Rosetta Stone, a 

language-learning solutions provider, added rating and review features to its website, enabling potential 

customers to view the comments and experiences shared by existing customers and identify solutions 

that are applicable to their interest and skill levels (presales phase) [19]. Aeropostale, a casual apparel 

retailer, launched an e-commerce store on Facebook, allowing customers to purchase its entire online 

inventory without leaving the popular social networking site (sales phase) [89]. Qwest, a 

telecommunications service provider, relied on its “Talk to Qwest” on Twitter to monitor customer 

service-related tweets and respond to and resolve customers’ problems in a timely manner (postsales 

phase) [18]. Some social commerce examples extracted from our sample are shown in Table 1. 

--- Table 1 about here --- 

Although social commerce has been regarded by Mark Zuckerberg, a co-founder of Facebook, as 

“the next area to really blow up” [96], anecdotal evidence about the business value of social commerce 

is mixed [44,73]. For instance, although Dell was able to generate $6.5 million in revenue in two years 

with the help of social commerce [44], some retailers such as Gap Inc. and J.C. Penney terminated their 

social commerce initiatives as they failed to see the expected benefits [73]. Such mixed results may be 

because social commerce is not a “one size fits all” solution [38]. In particular, firms selling products 

with varying levels of uncertainty may possess different needs to rely on the user-generated content on 

social media to reduce the uncertainty faced by customers. For example, for a firm selling products with 

high uncertainty such as cosmetics [70], there is a greater need for the firm to reduce the uncertainty 

faced by potential customers with regard to its products. Social commerce helps reduce this uncertainty 

by facilitating social interactions and user contributions on social media, thus benefiting, for example, 

the cosmetics manufacturer. Therefore, it is interesting to study how firms selling products with varying 

levels of uncertainty benefit differently from social commerce. 
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On the other hand, as social media shifts power from firms to customers [45], firms with varying 

reputations may receive different contributions from customers on social media. For instance, a 

cosmetics manufacturer with high reputation could attract more potential customers to interact with the 

company on social media, and its existing customers could also be more willing to share their 

experiences through social media [12,112], leading to a more effective uncertainty reduction. Therefore, 

it is worth examining how firms with varying levels of reputation benefit differently from social 

commerce. 

The emerging phenomenon of social commerce has attracted researchers’ attention in recent years 

[3,6,27,71,83,104,122,124,125], but much of the extant literature has focused on the effects of individual 

social media users’ actions (see [123] for a recent review). For instance, Oh et al. [85] examined how 

consumer activities on social media platforms such as Facebook and YouTube are related to movies’ 

box office performance, and Luo et al. [72] studied how firms’ equity value can be predicted by 

consumers’ online ratings and blog posts. Although some researchers have started to address social 

commerce directly [6,42,71,124], they concentrate on the drivers or consequences of social commerce 

adoption at the individual user level rather than the impact at the firm level. For instance, Ng [83] 

investigated how social interactions and trust affect individual users’ intention to adopt social commerce, 

and Gu and Ye [42] examined the impact of management responses through social media on the 

satisfaction of individual customers. Stephen and Toubia even made it explicit that their social 

commerce research is focused on “individuals instead of firms” ([104], p. 216). In fact, a recent 

structured review conducted by Baethge et al. [6] could only identify five studies (or 4% of all the social 

commerce papers reviewed) concerning the firm performance impact of social commerce, although all 

the five studies focus on the impact of individual social media users’ actions, rather than firms’ social 

commerce initiatives, on firm performance. Therefore, there is a lack of relevant research investigating 

the impact of firms’ social commerce initiatives at the firm level. Our research addresses this important 

gap by documenting the impact in terms of stock returns, which are a proxy for overall firm value 

[33,39,107].  

In addition to the direct impact of social commerce initiatives on stock returns, we further 

investigate how such impact varies across different levels of product uncertainty and firm reputation. 

Revealing such variations can provide important implications for firms to reap more benefits from their 

social commerce initiatives. Finally, as social commerce is still in an early adoption stage [6,27], it is 
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not well understood why firms might benefit from social commerce in terms of stock returns. Liang and 

Turban [71] also urged researchers to develop new theoretical perspectives to better understand the 

emerging social commerce phenomenon. As a result, our research provides a theoretical explanation of 

why firms might realize different levels of stock returns from social commerce. 

Conducting an event study of 275 social commerce initiatives announced between 2006 and 2011, 

we find that social commerce indeed increases firms’ stock returns, but such increases are more 

significant for firms selling products with high uncertainty and having high reputation. Our analysis 

further reveals that not all firms can benefit from social commerce. Although firms selling products with 

high uncertainty and having high reputation gain significantly higher returns from their social commerce 

initiatives, firms selling products with low uncertainty and having low reputation suffer losses from their 

social commerce investments. These findings are consistent with our theoretical perspective that 

integrates the resource-based view (RBV) [8,111] and opportunity–motivation–ability (OMA) 

framework [61,62], as discussed below.  

 

2. Theoretical background 

2.1. Social commerce  

Consistent with prior studies [e.g., 50,71,83,85,98,122,125], we define social commerce as an 

integration of social media with e-commerce, in which firms make use of social media technologies to 

support different phases (e.g., presales, sales, and postsales) of their commercial transactions and 

activities, whether it involves adding social media features to firms’ conventional e-commerce sites or 

plugging firms’ e-commerce activities into popular social media sites. Although social media—a 

relatively recent technological innovation—represents a wide range of Web 2.0 applications such as 

social networking sites, microblogs, online communities, and user forums [59], a common attribute 

among these applications is their ability to facilitate social interactions and user contributions [71,122]. 

In particular, social media enables interactions not only between firms and customers but also among 

customers. Moreover, in addition to the official information provided by firms, customers are free to 

contribute their knowledge and share their experiences on social media. Importantly, the social 

interactions and user contributions facilitated on social media are visible to any social media user, 

including the firms concerned [68].    

Such social interactions and user contributions make it possible for firms to implement different 
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sales and marketing strategies on social media. For instance, firms can implement personal selling and 

direct marketing strategies on social media through direct two-way interactions with existing and 

potential customers [31]. Social media is also suitable for word-of-mouth marketing because it enables 

firms to encourage customers to share their experiences in their social networks [64]. In addition, firms 

can leverage social media for market research by monitoring and analyzing social interactions and user 

contributions on social media to inform their future marketing decisions [47]. Although these sales and 

marketing strategies can be implemented through other channels, such as personal selling by face-to-

face communication, direct marketing by text messaging, word-of-mouth marketing by email, and 

market research by focus groups, none of these channels has the same capacity as social media to enable 

firms to implement different sales and marketing strategies together. Therefore, social commerce should 

not be treated as a specific type of sales or marketing strategy (e.g., word-of-mouth marketing) but as a 

new way for firms to implement a wide range of sales and marketing strategies on social media.   

This new way of sales and marketing distinguishes social commerce from other one-off sales 

promotions and marketing campaigns through traditional media and transforms the social interactions 

and user contributions facilitated on social media into useful resources. However, not all types of 

resources can help firms to gain an advantage over their competitors without such resources [9]. Prior 

research has even suggested that some types of resources such as political ties can be a liability rather 

than an asset for firms under certain conditions [115]. Therefore, we need to provide a theoretical 

explanation of whether the social media resources facilitated by firms’ social commerce initiatives can 

enable the firms to gain a competitive advantage. The RBV [8,111] fits our research purpose as it helps 

explain why some resources but not others can be a source of competitive advantage. In particular, it 

emphasizes that competitive advantage arises from those resources that are valuable, rare, inimitable, 

and nonsubstitutable (VRIN). We, thus, rely on the RBV to explain whether the social interactions and 

user contributions facilitated on social media can be viewed as VRIN resources and, hence, a source of 

competitive advantage for the firms concerned. Moreover, the RBV conceptualizes competitive 

advantage as “above normal economic performance” ([8], p. 104), which is consistent with our empirical 

approach that investigates the impact of social commerce in terms of “above normal” or “abnormal” 

stock returns. Therefore, the RBV acts as a useful theoretical lens for us to explain whether social 

commerce enables firms to access VRIN resources to gain a competitive advantage, resulting in 

abnormal stock returns.  
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However, even if the social interactions and user contributions facilitated on social media can be 

viewed as VRIN resources, these resources are different from other information systems (IS) resources 

investigated in prior RBV research [111]. In particular, prior RBV research has been focused on internal 

IS resources that are “controlled by a firm” ([8], p. 117) and “within the firm” ([111], p. 132), but 

external social media resources are “not controlled or bought by the marketer” ([46], p. 268). Such a 

difference suggests that having the opportunity to access social media resources may be a necessary but 

insufficient condition for firms to gain a competitive advantage because these resources are neither 

controlled by the firms nor within the firms. We, thus, need to adopt an additional theoretical lens to 

complement the RBV by taking account of other conditions that enable firms to realize the competitive 

advantage arising from the more external and less controllable social media resources. The OMA 

framework [61,62] suits our research purpose because it takes account of not only firms’ opportunity to 

access social media resources but also their motivation and ability to make use of these resources. 

Consistent with the RBV’s focus on competitive advantage, the OMA framework is concerned with the 

determinants of performance in terms of opportunity, motivation, and ability. In particular, the OMA 

framework emphasizes that an actor’s performance depends on its motivation and ability in addition to 

its opportunity to perform. In our research context, it suggests that the extent to which a competitive 

advantage can be realized may depend on firms’ motivation and ability to make use of the social media 

resources, in addition to their opportunity to get access to these resources. Following the OMA 

framework and considering the special nature of social media, we view social commerce initiatives as 

firms’ opportunity to get access to social media resources and rely on product uncertainty and firm 

reputation to indicate their motivation and ability, respectively, to make use of these resources. 

Therefore, the OMA framework complements the RBV, together providing a more comprehensive view 

on the competitive advantage resulting from firms’ social commerce initiatives.   

 

2.2. The RBV  

The RBV seeks to explain why some resources but not others can create a competitive advantage 

for firms [9]. RBV researchers have agreed that only VRIN resources can enable a firm to gain a real 

advantage over its competitors [8,111]. First, resources are valuable in the RBV context if they enable 

a firm to lower its net costs and/or increase its net revenues beyond what would have been the case 

without these resources [65]. Social media resources are valuable because they enable firms to increase 
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revenues and/or reduce costs, as suggested by some anecdotal evidence [e.g., 44,52].   

However, valuable resources cannot be a source of competitive advantage if they are in plentiful 

supply and other competing firms can also possess them. Valuable resources thus have to be rare such 

that they are only available to a small number of competing firms [111]. Although the user-generated 

content on social media is certainly not rare [58], social media resources could be rare in the sense that 

only a small number of firms can successfully facilitate social interactions and user contributions on 

social media [37,118]. 

Even resources that are valuable and rare cannot lead to a competitive advantage if it is easy for 

other firms to obtain or develop them through direct duplication or imitation. Advantage-creating 

resources thus need to be imperfectly imitable such that competing firms without these resources should 

find it substantially costly to acquire or develop them [11]. Although firms can learn from one another 

and adopt similar social commerce initiatives, the resulting social interactions and user contributions on 

social media should be different across firms and thus imperfectly imitable. This could be due to their 

unique historical conditions (i.e., firms develop social commerce based on their own historical 

backgrounds and through unique pathways), causal ambiguity (their linkages to the resulting 

competitive advantage are ambiguous and poorly understood and thus difficult to copy), and/or social 

complexity (they are embedded in complex social networks that are unique to each firm) [8,10,65,111].  

The final attribute of VRIN resources is nonsubstitutability, implying that these resources cannot 

be simply replaced or substituted by any other strategically equivalent resources [8,111]. Social media 

resources are nonsubstitutable because the social interactions and user contributions facilitated on social 

media, being complex and different across firms, cannot be simply replaced by other online (e.g., email) 

or physical channels (e.g., focus group) [68,105].  

Taken together, social media resources can be viewed as VRIN resources and thus a source of 

competitive advantage. In the hypothesis building section, we provide a more detailed explanation of 

the VRIN characteristics of social media resources and hypothesize how social commerce enables firms 

to access these VRIN resources, resulting in positive stock returns.   

 

2.3. The OMA framework 

The OMA framework has been well established as a theoretical explanation of the underlying 

determinants of individual work performance [15]. In particular, it suggests that individuals’ work 
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performance depends on their opportunity, motivation, and ability to perform. Although the OMA 

framework was originally developed to explain individual performance, recent research has started to 

adopt it to study performance at the firm level [e.g., 25,61,62,99] because the OMA framework can be 

regarded as a meta-theoretical perspective that explains the underlying determinants of performance 

across a wide range of contexts and settings and is thus applicable to the firm level of analysis [1,62]. 

We, therefore, see the merit of adopting the OMA framework to study the external, less controllable 

social media resources because it enables us to account for firms’ motivation and ability, and not only 

their opportunity to access these resources. For instance, if a firm does not believe that it has to rely on 

social interactions and user contributions to assist in the sale of its products, the firm is less motivated 

to make use of these external social media resources. On the other hand, because the social interactions 

and user contributions on social media are less controllable and more uncertain [45,59], if a firm is not 

capable of leveraging these social media resources, it might incur a competitive disadvantage rather than 

a competitive advantage from its social commerce initiatives. Therefore, although social commerce 

initiatives provide an opportunity for firms to gain access to social media resources, the extent to which 

the competitive advantage can be realized may also depend on the firms’ motivation and ability to make 

use of these resources.   

However, compared to the individual level of analysis, it is relatively difficult for us to measure 

motivation and ability directly at the firm level. Prior OMA studies overcome this difficulty by using 

some observable firms’ characteristics and actions to represent their underlying motivation and ability 

[61,62,99]. For instance, Schijven and Hitt’s [99] research on firm acquisitions used acquiring firms’ 

debt-to-equity ratio and prior acquisition experience to represent their motivation and ability, 

respectively, to realize the synergy from acquisitions. Consistent with these prior studies and taking the 

special nature of social media into account, we rely on product uncertainty and firm reputation to 

indicate firms’ motivation and ability, respectively, to capitalize on social media resources. In the 

hypothesis building section, we provide a more detailed explanation of why product uncertainty and 

firm reputation can indicate firms’ motivation and ability, respectively, and thus affect the levels of 

stock returns due to firms’ social commerce initiatives.  

 

2.4. Research model 

Our research model based on the RBV and OMA framework is presented in Figure 1. First, it views 
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social commerce initiatives as firms’ opportunity to access VRIN social media resources, which are a 

source of competitive advantage and quantified in terms of stock returns. It further views product 

uncertainty and firm reputation as firms’ motivation and ability, respectively, to make use of the VRIN 

social media resources, affecting the extent to which the firms benefit from social commerce initiatives 

in terms of stock returns. This research model serves as the theoretical framework for our research and 

guides our hypothesis building, as discussed below.  

--- Figure 1 about here --- 

 

3. Hypothesis building 

3.1. The impact of firms’ social commerce initiatives on stock returns  

To hypothesize the impact of firms’ social commerce initiatives on stock returns, we first theorize 

why the social interactions and user contributions facilitated by social commerce can be viewed as VRIN 

resources and thus a source of competitive advantage and then explain why the resultant competitive 

advantage can be quantified in terms of stock returns. First, there are a number of ways for social 

commerce to create value for firms in terms of increased revenues and/or reduced costs. For instance, 

social media empowers firms’ customers to comment on the firms’ products and services and share their 

own experiences, which are visible to other social media users, thus reducing their uncertainty about the 

firms’ products and services and increasing their purchase intentions [5,49,119]. In fact, prior studies 

[e.g., 29,35,43,97,121] have documented how user-generated content on social media helps firms 

improve the sales of products and services. Social media can also enable firms to interact and engage 

with customers, build customer communities, and resolve customers’ problems in a timely manner, 

resulting in closer customer relationships and improved customer satisfaction and loyalty, ultimately 

leading to more sales [2,63,71,83,85]. Moreover, by interacting with customers as well as monitoring 

the interactions among customers on social media, firms can learn more about customer demands and 

preferences, reducing supply–demand mismatch and inventory costs [2,23]. Customers’ contributions 

and involvement on social media can also help firms reduce the costs of marketing, customer service, 

and general administration [52,63]. Some anecdotal evidence confirms the value creation potential of 

social media resources. For instance, Dell used social media to increase revenue by $6.5 million in two 

years [44], while BT relied on social media to reduce the cost of customer service operations by £2 

million a year [52].   
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Second, only a small number of firms can successfully facilitate social interactions and user 

contributions on social media [37,118], making social media resources rare. For instance, a recent report 

released by Forrester Research showed that, on average, only 0.073% and 0.035% of firms’ fans or 

followers on Facebook and Twitter, respectively, interact with the firms’ posts [37], while Windels [118] 

found that 96% of the conversations on social media are not related to brands. Our research data also 

show similar results. Specifically, we randomly selected 40 firms from our sample that deployed social 

commerce on Facebook and downloaded the data from the Facebook pages of these firms. For each of 

these 40 firms, we calculated the interaction rate as the average number of fans interacting per post 

divided by the total number of fans. Our results show that the average interaction rate is 0.068% and 

only one of these 40 firms has an interaction rate higher than 1%. Therefore, although user-generated 

content on social media is abundant [58], this is not necessarily the case for the social interactions and 

user contributions facilitated by firms’ social commerce initiatives. 

Third, the inimitability of social interactions and user contributions on social media is a result of 

their unique historical conditions, causal ambiguity, or social complexity [8,10,65,111]. First, no 

customer is equal. Customers’ willingness to interact with a firm and contribute their information and 

knowledge through social media depends on their past experiences and interactions with the focal firm 

concerned. Moreover, because social media shifts power from firms to customers [45], the social 

interactions and user contributions on social media tend to be informal, unstructured, and less 

controllable, making their linkage to firms’ superior performance more ambiguous and less 

understandable. Finally, firms’ relationships with customers as well as the relationships among their 

customers are complex and socially embedded, leading to different firm–customer and customer–

customer interactions on social media. Therefore, it is unlikely that the social interactions and user 

contributions on social media can be easily imitated by competing firms.  

Finally, no other online or physical channels adopted by firms are able to completely substitute 

the social interactions and user contributions facilitated on social media. For instance, although firms 

can use other online communication technologies such as email or instant messaging to interact with 

customers and ask them to provide feedback about the firms’ products and services, such interactions 

are usually between a dyad and different from the social interactions among various parties on social 

media [68]. Similarly, firms can invite customers to join focus groups in-person to speak with other 

customers and contribute their knowledge and ideas, but such discussions are often among only a few 
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group members [105]. More importantly, the interactions through those channels, whether online or 

offline, are not visible to customers’ social networks and other social media users, making social media 

resources nonsubstitutable.   

Taken together, social media resources can be regarded as VRIN resources and thus a source of 

competitive advantage [8,111]. Competitive advantage, as argued in Barney’s seminal work on the 

RBV, “will be reflected in above normal economic performance” ([8], p. 104). Other RBV researchers 

have also commonly agreed that competitive advantage enables a firm to create “above average returns” 

([90], p. 29) or generate “abnormal rents” ([78], p. 961). Although prior studies have measured 

competitive advantage in terms of various performance indicators such as costs, profits, and innovations 

[14,102,111], our research is focused on stock returns for two reasons. First, stock returns represent 

overall firm value [33,39,107], taking both tangible and intangible components into account [56,93], 

which is consistent with the tangible and intangible values of VRIN resources emphasized in the RBV 

literature [14,65,101,111]. Moreover, we employ the event study methodology to quantify the stock 

returns due to social commerce in terms of “abnormal” stock returns [36,74,77], which are the 

differences between the actual stock returns with the adoption of social commerce and the expected 

stock returns had there been no such adoption. We adopt Fama–French–Carhart’s four-factor model 

[22,40] to control for firm size, book-to-market ratio, and prior stock return when estimating the 

expected stock returns1. The abnormal stock returns calculated based on this methodology, thus, are 

more in line with the “above average returns” or “abnormal rents” agreed on by RBV researchers 

[78,90]. As a result, we expect that the competitive advantage resulting from the VRIN social media 

resources can be reflected in positive investor reactions to firms’ social commerce initiatives and thus 

increased stock returns for the firms. Therefore, we propose the following:  

H1. Firms’ social commerce initiatives have a positive impact on their stock returns, even when firm 

characteristics are controlled for. 

 

3.2. The roles of product uncertainty and firm reputation  

In addition to the direct impact of social commerce on stock returns, we further hypothesize how 

the impact might vary across firms with different levels of product uncertainty and firm reputation. In 

                                                             
1  As a sensitivity test, we also adopt propensity score matching [79,100] to further control for other firm 

characteristics such as employee productivity, financial leverage, and capital resource slack. 
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particular, we adopt the OMA framework to theorize that product uncertainty and firm reputation 

indicate firms’ motivation and ability, respectively, to make use of social media resources, affecting the 

extent to which a competitive advantage can be realized, thus leading to a variation in stock returns. We 

first consider how product uncertainty indicates firms’ motivation in the social media context. For firms 

selling products with low uncertainty such as toothbrushes [41], potential customers do not have to rely 

on other customers’ comments or interactions with the firms on social media to judge the quality of the 

firms’ products [5,49]. As a result, these firms might perceive that social media resources have little 

influence on their customers’ purchasing behaviors and, thus, are less motivated to make use of them.   

Conversely, firms selling products with high uncertainty—such as cosmetics [70], as mentioned in 

our example in the Induction section—are more dependent on social interactions and user contributions 

on social media to reduce potential customers’ uncertainty about their products [5,49]. This is because 

they cannot rely on traditional e-commerce that mainly focuses on maximizing the efficiency of online 

transactions through sophisticated searches, one-click buying, and specification-driven virtual 

catalogues [50,91,113], which has long been criticized for its inability to reduce the uncertainty faced 

by customers [60,86]. In other words, these firms have a higher need and thus are more motivated to 

make use of social media resources. Therefore, the uncertainty of a firm’s products indicates whether 

the firm needs to rely on social interactions and user contributions to assist in the sale of its products 

and thus is motivated to make use of social media resources. As a result, we propose the following: 

H2. The impact of social commerce initiatives on stock returns is more positive for firms selling 

products with high uncertainty. 

 

While product uncertainty indicates firms’ motivation, firm reputation, on the other hand, can be 

viewed as a cue of firms’ ability in the social media context, which is also expected to affect stock 

returns. For instance, if firms are low on reputation (i.e., unknown), it is more difficult for them to get 

social media users to interact with or be involved in their initiatives on social media. Social media users 

may avoid interacting with these low-reputation firms due to the visibility of social media activities to 

their social networks and other social media users [68]. Moreover, even though some customers of these 

firms may still take advantage of the user contribution nature of social media to share their experiences 

and provide advice, these experiences and advice tend to be negative rather than positive [24,112]. 

Therefore, firms with low reputation are less capable of capitalizing on the social interactions and user 
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contributions on social media.   

Conversely, customers are more likely to interact and engage with firms with high reputation 

through social media because high reputation helps attract customers [20,67]. This could be reflected in 

the large number of fans or followers of some reputable firms on social media [76]. For instance, 

Starbucks, one of the most reputable firms based on Fortune magazine’s surveys [108], was the first 

firm to attract 10 million likes on its Facebook page [20]. Moreover, prior studies [e.g., 12,24,110,112] 

have suggested that customers are more satisfied with and loyal to firms with high reputation and are 

more willing to engage in positive word-of-mouth activities and customer citizenship behaviors to help 

these firms. As a result, these firms’ customers may not only share their positive experiences on social 

media but also make use of social media to help the firms disseminate information, recommend the 

firms’ products and services, and resolve other customers’ inquiries and problems, which, in turn, 

increase the firms’ sales and reduce their marketing and customer service costs. Therefore, we view a 

firm’s reputation as an indication of whether its social commerce initiatives are capable of facilitating 

positive social interactions and user contributions on social media, leading to a competitive advantage. 

We thus propose the following:  

H3. The impact of social commerce initiatives on stock returns is more positive for firms with high 

reputation. 

 

4. Methods 

4.1. Data collection 

We collected social commerce announcements from Factiva, which contains news and information 

articles from top media outlets such as The Wall Street Journal, The New York Times, and hundreds of 

other sources [4]. Similar to prior event studies on e-commerce [e.g., 34,106], we searched social 

commerce announcements with a combination of the following keywords: (announce or launch) and 

(NASDAQ or NYSE or AMEX) and (social commerce or social shopping or social media or social 

network or other relevant keywords such as Facebook and Twitter). We included the keywords 

“announce or launch” to ensure that our search results are related to firms’ announcements or initiatives. 

The keywords “NASDAQ or NYSE or AMEX” helped us limit our search to firms listed on the US 

stock markets. Finally, in addition to the term “social commerce,” we included other relevant keywords 

such as “social shopping” and “social media” as well as the names of some popular social media websites 
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such as Facebook and Twitter. The inclusion of a broad set of relevant keywords helped reduce the 

possibility of filtering out some suitable articles that did not mention the term “social commerce” 

directly in their texts. As the term “social commerce” was first introduced by Yahoo! in November 2005 

[13], we searched social commerce initiatives announced between 2006 and 2011. Our initial search 

yielded thousands of news articles.  

Identifying relevant social commerce announcements from this large number of news articles is a 

labor-intensive task. We thus recruited and trained 12 student assistants to accomplish this task. We 

conducted a data collection workshop for all the student assistants recruited. To ensure the quality and 

validity of the announcements collected, the student assistants were required to undertake a test in which 

they needed to identify the same set of social commerce announcements for a given sample of firms. 

Moreover, our research team further verified all the social commerce announcements identified by the 

student assistants.  

We only retained news articles with explicit mention of the use of social media for sales and 

marketing purposes and thus excluded such announcements as the mergers and acquisitions of social 

media firms and the appointments of new social media executives. As our target was publicly listed 

firms in the US, we excluded social commerce announcements made by private or non-US firms and 

deleted repeated announcements from different sources. After elimination, we obtained 348 social 

commerce initiatives announced by 241 firms. Some examples of these 348 social commerce initiatives 

are shown in Table 1. We also present the descriptive statistics of our sample in Table 2. It shows that 

the number of social commerce initiatives increased from 13 (or 3.7%) in 2006 to 93 (or 26.7%) in 2011. 

A total of 186 (or 77.2%) out of the 241 firms adopted only one social commerce initiative in this period, 

whereas 12 (or 4.9%) firms had more than three social commerce initiatives. We include the second, 

third, and even later social commerce initiatives of the same firm in our research because these initiatives 

are not repeated announcements of the same initiatives but different initiatives that can be regarded as 

independent events from the event study perspective. Firm characteristics in terms of sales, total assets, 

number of employees, operating income, return on assets, and return on sales are shown in Panel C of 

Table 2.   

--- Table 2 about here --- 

To investigate the impact of social commerce initiatives on firms’ stock returns, we obtained daily 

stock return data and Fama–French–Carhart’s four-factor [22,40] information from the Center for 
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Research in Security Prices (CRSP) database and the Kenneth French Data Library, respectively. We 

collected product information from social commerce announcements, firms’ annual reports, and 

Hoover’s company profiles to determine product uncertainty. We obtained the annual Most Admired 

Companies (MAC) lists from Fortune magazine to measure firm reputation [48,117]. Table 3 

summarizes all the variables used in this research. 

--- Table 3 about here --- 

 

4.2. Event study methodology 

We employ the event study methodology to quantify the impact of firms’ social commerce 

initiatives in terms of abnormal stock returns (H1). The abnormal return is defined as the difference 

between the actual return with the occurrence of an event and the expected return had there been no 

event [36,74,77]. We adopt Fama–French–Carhart’s four-factor model [22,40] to estimate the firms’ 

expected returns because it captures the risk-adjusted returns and has higher explanatory power for stock 

market movements [107]. According to this model, the daily return of firm i at time t, Rit, is related to 

four different factors as follows:  

                                              𝑅𝑖𝑡 = 𝛼𝑖 + 𝛽𝑖𝑅𝑀𝑡 + 𝛾𝑖𝑆𝑀𝐵𝑡 + 𝛿𝑖𝐻𝑀𝐿𝑡 + 𝜎𝑖𝑈𝑀𝐷𝑡 + 휀𝑖𝑡  ,                                   (1) 

where RMt is the return of the market portfolio and SMBt, HMLt, and UMDt represent the differences in 

returns between small and big market capitalization stocks, between high and low book-to-market ratio 

stocks, and between high and low prior-return stocks, respectively. Following prior event studies [e.g., 

51,120], we use the equally weighted index from CRSP for RMt due to its superior ability to detect 

abnormal stock returns [30].  

We choose 120 trading days prior to a social commerce announcement as the estimation period and 

regress Equation (1) over this period to obtain the firm-specific parameters, namely �̂�𝑖, �̂�𝑖, 𝛾𝑖, �̂�𝑖, and 

�̂�𝑖. We use these parameter estimates to construct the expected return E(Rit) had there been no event: 

                                                𝐸(𝑅𝑖𝑡) = �̂�𝑖 + �̂�𝑖𝑅𝑀𝑡 + �̂�𝑖𝑆𝑀𝐵𝑡 + 𝛿𝑖𝐻𝑀𝐿𝑡 + �̂�𝑖𝑈𝑀𝐷𝑡  .                                    (2) 

We compute the abnormal return ARit as the difference between the actual return Rit and the 

expected return E(Rit): 

                           𝐴𝑅𝑖𝑡 = 𝑅𝑖𝑡 − 𝐸(𝑅𝑖𝑡) = 𝑅𝑖𝑡 − (�̂�𝑖 + �̂�𝑖𝑅𝑀𝑡 + �̂�𝑖𝑆𝑀𝐵𝑡 + 𝛿𝑖𝐻𝑀𝐿𝑡 + �̂�𝑖𝑈𝑀𝐷𝑡) .                   (3) 

We choose three trading days around the event (i.e., days -1 to +1) as the event window [54,103]. 

We include the day before the event to account for possible information leakages before the 
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announcement and the day after the event to capture the effect of the announcement made after the 

closure of the stock market [74]. Therefore, we compute the cumulative abnormal return (CAR) of firm 

i as follows: 

                                                                                 𝐶𝐴𝑅𝑖 = ∑ 𝐴𝑅𝑖𝑡

+1

𝑡=−1

.                                                                       (4) 

Following McWilliams and Siegel [77], we remove social commerce initiatives with confounding 

events such as mergers and acquisitions, major contract awards, and key executive changes. We 

eliminated 47 social commerce initiatives with confounding events in the three-day event window in 

Factiva. We removed 17 social commerce announcements because the corresponding firms’ stock return 

data were unavailable in the 120-day estimation period or the three-day event window. We further 

discarded nine firms whose average daily stock prices were less than $1 or whose trading volumes were 

less than 50,000 shares [34,106], leaving a final sample size of 275. We calculate the cumulative average 

abnormal return (CAAR) across these 275 samples as follows: 

                                                                             𝐶𝐴𝐴𝑅 =
1

275
∑ 𝐶𝐴𝑅𝑖

275

𝑖=1

.                                                                  (5) 

We apply nonparametric tests, including the binomial sign test, Corrado rank test, and Wilcoxon 

signed rank test to determine the significance of the CAAR [36,74,77]. We also perform additional 

parametric tests and use alternative estimation period, return model, market portfolio, and matching 

technique to ensure the robustness of the results (please refer to Section 6 for details).  

 

4.3. Cross-sectional regression model 

We construct a cross-sectional regression model to analyze the roles of product uncertainty (H2) 

and firm reputation (H3) as follows:  

𝐶𝐴𝑅𝑖 = 𝛽0 + 𝛽1𝑃𝑟𝑜𝑑𝑢𝑐𝑡 𝑈𝑛𝑐𝑒𝑟𝑡𝑎𝑖𝑛𝑡𝑦𝑖 + 𝛽2𝐹𝑖𝑟𝑚 𝑅𝑒𝑝𝑢𝑡𝑎𝑡𝑖𝑜𝑛𝑖 + 𝛽3𝑃𝑙𝑎𝑡𝑓𝑜𝑟𝑚 𝑂𝑤𝑛𝑒𝑟𝑠ℎ𝑖𝑝𝑖 

           + 𝛽4𝐹𝑖𝑟𝑚 𝑆𝑖𝑧𝑒𝑖 + 𝛽5𝐹𝑖𝑟𝑚 𝑃𝑟𝑜𝑓𝑖𝑡𝑎𝑏𝑖𝑙𝑖𝑡𝑦𝑖 + 𝛽6𝐹𝑖𝑟𝑚 𝐴𝑔𝑒𝑖 

           + 𝑌𝑒𝑎𝑟 𝐷𝑢𝑚𝑚𝑖𝑒𝑠 + 𝐼𝑛𝑑𝑢𝑠𝑡𝑟𝑦 𝐷𝑢𝑚𝑚𝑖𝑒𝑠 + 휀𝑖  .                                                                             (6) 

We mainly rely on the products mentioned in the social commerce announcements to determine 

product uncertainty. For instance, as mentioned in the social commerce announcements shown in Table 

1, Rosetta Stone provides technology-based language-learning solutions, while Aeropostale sells casual 

apparel. If product information is not provided in the announcements, we search for the related product 
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information through firms’ annual reports and Hoover’s company profiles. As a firm may sell different 

types of products, we focus on the main type of products that contribute the largest percentage of revenue 

to the firm.   

After identifying the specific products, we measure product uncertainty based on Nelson’s [81,82] 

classification of search and experience products. For search products such as toothbrushes [41], it is 

relatively easy for customers to obtain relevant information such as a mere description of the products 

to determine their quality before purchasing the products. Conversely, for experience products such as 

movies [5], it is relatively difficult for customers to evaluate the quality of the products without 

interacting with them. In other words, customers may have to purchase and experience these products 

to determine their quality. Therefore, an important distinction between search and experience products 

is the level of uncertainty that customers face with product quality before consumption. Such a 

difference between search and experience products has been validated by Nelson [81,82] using various 

sets of secondary data. Since Nelson’s seminal work, the concept of search vs. experience products has 

been widely adopted in various disciplines including marketing [e.g., 49,75] and information systems 

[e.g., 26,80]. In line with these studies, we regard search products as products with low uncertainty 

(coded 0) and experience products as products with high uncertainty (coded 1). Our final sample 

includes 88 (32%) products with low uncertainty and 187 (68%) products with high uncertainty. 

We measure firm reputation based on the MAC list published by Fortune magazine annually. Each 

year, Fortune magazine compiles the MAC list by surveying executives, directors, and analysts to 

identify firms that enjoy the strongest reputations within their industries. The MAC list has been widely 

used by researchers to measure firm reputation [e.g., 21,48,107,117]. However, because Fortune 

magazine only includes “firms with the highest reputation scores within their industries” ([107], p. 59) 

in the MAC list, it does not cover all the sample firms in many past studies. For instance, only 107 out 

of 208 (or 51%) sample firms in Houston and Johnson’s [48] research are included in the MAC lists. 

Similarly, the MAC lists cover only 58% of our sample firms. To address this coverage limitation and 

avoid the possible bias arising from only focusing on firms included in the MAC lists, past studies have 

adopted various strategies to measure firm reputation by transforming the MAC list into a dummy 

variable. Some common approaches include (1) considering firms included in the MAC list with above 

industry average ranks as having high reputation and others as having low reputation [48,117]; (2) 

considering the top 100 firms included in the MAC list as having high reputation and others as having 
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low reputation [107]; and (3) considering all firms included in the MAC list as having high reputation 

and others as having low reputation [21]. We employ approach (1) to measure firm reputation in this 

research. Among the 275 social commerce initiatives, 97 (or 35%) are adopted by firms with high 

reputation and 178 (or 65%) are adopted by firms with low reputation. We also employ approaches (2) 

and (3) to check the sensitivity of our test results, as shown in Section 6.    

We control for other firm and platform characteristics, including firm size, firm profitability, firm 

age, and platform ownership in the model. The detailed measurements and corresponding data sources 

of these control variables are presented in Table 3. Moreover, we include year (2006–2011) and industry 

(two-digit SIC code) dummies to account for unobserved time and industry effects.  

We estimate Equation (6) using ordinary least squares (OLS). As robustness checks, we derive a 

heteroskedasticity-consistent estimation using White’s [116] approach and employ alternative measures 

of hypothesized and control variables (please also refer to Section 6 for details). 

 

5. Test results 

5.1. The impact of firms’ social commerce initiatives 

The event study test results are presented in Table 4. As shown in Panel A, the average abnormal 

returns (AAR) on days -1, 0, and +1 are all positive and significant for the three nonparametric tests (p 

< 0.05). In Panel B of Table 4, the CAAR over the three-day event window (i.e., days -1 to +1) is positive 

and significant for the three nonparametric tests, providing strong support for H1 (CAAR = 0.86%, p < 

0.01). We also estimate the CAARs over the two-day event windows (i.e., days -1 to 0 and days 0 to 

+1) as shown in Panel B of Table 4, but their values (0.53% and 0.68%) are less than those in the three-

day event window (0.86%), showing that it is more appropriate to use a three-day event window to 

capture the full impact of social commerce announcements. Moreover, as shown in Panel B of Table 4, 

the CAARs over both the pre-event and post-event window periods (i.e., days -30 to -2 and days +2 to 

+30) are not significant (p > 0.1) for all three nonparametric tests, suggesting that a three-day event 

window is “long enough to capture the significant effect of the event” ([77], p. 636). 

--- Table 4 about here --- 

 

5.2. Cross-sectional regression results 

The correlations among all the variables included in our regression analysis are presented in Table 
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5. It shows that the two hypothesized variables (i.e., product uncertainty and firm reputation) strongly 

correlate (p < 0.05) with the dependent variable, CAR. The cross-sectional regression results are shown 

in Table 6. Model 1 is the basic model including all the control variables, year dummies, and industry 

dummies. Models 2 and 3 add the two hypothesized variables to Model 1 sequentially. All the three 

models are significant (F ≥ 1.395, p < 0.1) with adjusted R-squares ranging from 0.066 to 0.188. The 

number of observations (N) is reduced to 256 for all three models because of missing data for some 

control variables such as firm age. 

--- Tables 5 and 6 about here --- 

Product uncertainty remains positive and significant (p < 0.01) across Models 2 and 3, suggesting 

that the impact of social commerce initiatives is more positive for firms selling products with high 

uncertainty. Therefore, H2 is supported. Figure 2 shows the partial regression plot of CAR and product 

uncertainty, in which the y-axis represents the residuals of regressing CAR on all independent variables 

included in Equation (6) except product uncertainty while the x-axis represents the residuals of 

regressing product uncertainty on all other independent variables included in Equation (6). It shows a 

linear relationship between CAR and product uncertainty with a slope equal to 2.49, suggesting that on 

average the stock returns of products with high uncertainty are 2.49% higher than those of products with 

low uncertainty.     

--- Figures 2 and 3 about here --- 

Firm reputation is also positive and significant (p < 0.05) in Model 3 of Table 6, indicating that 

firms with high reputation benefit more from their social commerce initiatives. Therefore, H3 is also 

supported. Furthermore, the partial regression plot of CAR and firm reputation shown in Figure 3 

suggests a linear relationship between CAR and firm reputation with a slope equal to 1.03, suggesting 

that, on average, the stock returns of firms with high reputation are 1.03% higher than those of firms 

with low reputation. The results of hypothesis testing based on both the event study and cross-sectional 

regression are summarized in Table 7.  

--- Table 7 about here --- 

 

6. Sensitivity tests 

We perform various sensitivity tests to analyze the robustness of our findings. First, we re-examine 

CAAR over the three-day event window (i.e., days -1 to +1) by revising the estimation period from 120 
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days to 240 days, changing the estimation model from Fama–French–Carhart’s four-factor model to 

Fama–French’s three-factor model, and modifying the market portfolio from the equally weighted index 

to the value-weighted index, resulting in Models 1 to 3, respectively. As shown in Table 8 (Panel A), 

the CAARs remain positive and significant for all nonparametric tests across the three models (p < 0.01).  

Following recent event studies [e.g., 79,100], we adopt propensity score matching (PSM) to control 

for other possible factors and to match each sample firm with a control firm. Specifically, we first 

perform a logit regression with social commerce adoption in year t as the dependent variable, while the 

independent variables include firm size (natural log of total assets), firm profitability (return on assets), 

Tobin’s q (market value plus total assets minus common equity, all divided by total assets), employee 

productivity (sales per employee), financial leverage (sum of long-term debt and current liabilities 

divided by market value), capital resource slack (sales divided by property, plant and equipment), and 

market-to-book ratio (market value divided by common shareholders’ equity), all measured in year t-1. 

We also include year and industry (two-digit SIC code) fixed effects in this model. After running the 

logit regression, we match each sample firm with a control firm that did not adopt social commerce in 

year t but had the nearest adoption probability (i.e., propensity score) to the sample firm. We then 

calculate the CAR as the difference in stock returns between the sample firms and its control firms over 

the three-day event window. The resultant CAAR shown in Model 4 (Panel A) remains positive and 

significant across the three nonparametric tests (p < 0.05).  

Moreover, by conducting two parametric tests commonly used in prior event studies, including the 

crude dependence adjustment test [17] and the calendar time test [53], we find positive and significant 

results (p < 0.01) as shown in Model 5 (Panel A).  

Finally, although the event study methodology has been widely adopted across different disciplines 

[36,74,77], there is still a concern about possible stock market overreactions to corporate events, 

especially involving technological innovations such as social commerce initiatives. To address this 

concern, we follow Barber and Lyon [7] to compute the abnormal profitability change due to social 

commerce initiatives. Specifically, we calculate the abnormal profitability change as the difference in 

ROA change between a sample firm and its control firms from year t-1 to t, where t is the year of the 

social commerce initiative. Control firms are defined as nonsocial commerce adopters with similar 

ROA, size, and industry as the sample firm in year t-1 (please refer to [7] for the detailed procedures). 

We find that the average abnormal profitability change is positive and significant (p < 0.1 for both 
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parametric and nonparametric tests), as shown in Model 6 (Panel A). This suggests that social commerce 

initiatives improve the profitability of adopting firms, ruling out the explanation of stock market 

overreactions. Overall, these sensitivity tests provide further support for our findings regarding the 

positive impact of social commerce initiatives.  

--- Table 8 about here --- 

To check the sensitivity of the cross-sectional regression results, we re-run Equation (6) with the 

new CARs obtained from Models 1 to 4 in Panel A. The corresponding regression results are presented 

as Models 1 to 4 in Panel B. Product uncertainty and firm reputation remain positive and significant 

across all four models (p < 0.1). We also re-run Equation (6) with the abnormal profitability change as 

the dependent variable and obtain consistent results, as shown in Model 5 (Panel B). 

We have argued that firms selling products with high uncertainty are more motivated to use social 

media resources, leading to higher stock returns, but other dimensions of product characteristics such as 

complexity may also affect firms’ motivation to rely on social media resources, resulting in different 

stock returns. For instance, firms selling complex products such as technology-intensive products may 

rely more on social interactions and user contributions on social media to educate customers about the 

usage of these products [55] and are more motivated to use social media. We thus re-run Equation (6) 

by replacing product uncertainty with product complexity. Consistent with Deason and Ferrantino [32], 

we regard products that are included in the Advanced Technology Products list released by the US 

Census Bureau as having high complexity (coded 1) and others as having low complexity (coded 0). 

The regression results shown in Model 6 (Panel B) suggest that the abnormal returns are more positive 

for products with high complexity, consistent with our integrative perspective, which suggests that firms 

with higher motivation to make use of social media resources reap more benefits.  

We adopt two alternative approaches to measure firm reputation: one is based on whether a firm is 

one of the top 100 firms in the MAC list (coded 1 for the top 100 firms and 0 for others) [107], and 

another is based on whether a firm is included in the MAC list (coded 1 for firms in the MAC list and 0 

for others) [21]. The corresponding regression results with these two alternative measures remain 

consistent, as shown in Models 7 and 8, respectively, in Panel B.  

We also adopt alternative measures of firm characteristics in the regression model. Specifically, we 

compute firm size as the natural logarithm of the number of employees [92], firm profitability as the 

return on sales [4], and firm age as the natural logarithm of the number of years between firms’ social 



22  

commerce announcements and IPO listing [69]. The corresponding regression results of these alternative 

measures are presented in Models 9 to 11 in Panel B. All the coefficients remain positive and significant 

(p < 0.1) across all three models.  

We add two new variables to Equation (6) to control for the characteristics of social commerce 

initiatives. The first variable represents the type of social commerce adopted by a firm, which is coded 

1 for relational social commerce that focuses on presales promotions or postsales customer support and 

0 for transactional social commerce that focuses on direct sales and transactions [98]. The second 

variable indicates whether a specific social commerce initiative is a firm’s first social commerce 

initiative (coded 1 for the first initiative and 0 for others). The regression results remain consistent after 

adding these two control variables, as shown in Model 12 (Panel B), but the coefficients of the two 

control variables are not statistically significant (p > 0.1; not tabulated).   

Finally, by performing the heteroskedasticity-consistent estimation of Equation (6), we obtain 

qualitatively similar results, as shown in Model 13 (Panel B). The results of these sensitivity tests 

confirm the robustness of our cross-sectional regression model. 

 

7. Discussion and conclusion 

Our research has made several points about the stock returns of firms’ social commerce 

investments. First, we find that firms’ social commerce initiatives have a positive impact on their stock 

returns. Specifically, the average abnormal stock return in a three-day event window around a social 

commerce announcement is positive (0.86%) and significant (p < 0.01). Second, our research reveals 

that the impact of social commerce varies across firms. In particular, firms selling products with high 

uncertainty and having high reputation gain higher returns from their social commerce investments. 

Third, these findings are consistent with our theoretical perspective that integrates the RBV and OMA 

framework. Finally, in line with our event study results, our additional analysis suggests that social 

commerce initiatives also increase firm profitability. The implications of these findings are worth further 

discussion.   

 

7.1. Practical implications  

Because of the mixed anecdotal evidence presented about the business value of social commerce 

[44, 73], firms become conflicted about whether they should invest in social commerce. The situation 
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becomes even more complicated because most firms encounter difficulty in measuring the returns of 

their social commerce investments [63]. Our research helps resolve this controversy by empirically 

demonstrating that firms’ social commerce initiatives indeed lead to positive abnormal stock returns. 

However, a reasonable concern about our finding is that investors may overreact to technological 

innovations such as social commerce, as is the case of the Internet bubble occurring in the early 2000s 

[84]. To address this concern, we conduct an additional analysis to show that social commerce also 

makes firms more profitable, ruling out the explanation of stock market overreactions to social 

commerce investments. Taken together, the increased stock returns and improved firm profitability 

documented in our research provide strong empirical support for firms to invest in social commerce.  

However, even when firms decide to invest in social commerce, there are no best practices or 

guidance available for them to follow because social commerce is still in an early stage [6,27]. Given 

this circumstance, firms may have to rely on their experience or knowledge gained from conventional 

e-commerce investments. For instance, firms have long been informed that e-commerce is more suitable 

for the sale of products with low uncertainty [60,86]. Firms may follow this e-commerce wisdom to sell 

products with low uncertainty using social commerce. However, our research shows that firms selling 

products with high uncertainty benefit more from social commerce because of its ability to facilitate 

social interactions and user contributions through social media [71,122], thereby reducing the 

uncertainty faced by customers. This may also explain why some retailers such as Gap Inc. and J.C. 

Penney failed to see the expected benefits from the sale of their low-uncertainty products in social 

commerce [73]. Therefore, firms should not treat social commerce as a simple extension of conventional 

e-commerce and apply their e-commerce experience or knowledge in the context of social commerce. 

In particular, firms should realize the nature of social interactions and user contributions in social 

commerce and thus adopt social commerce to sell products with high uncertainty.     

On the other hand, firms have realized the importance of building a good reputation because firm 

reputation is directly related to various performance indicators such as price premiums, return on assets, 

and long-term survival [67,94,95]. However, firms may be less aware of the important role that firm 

reputation plays in the context of social commerce: affecting customers’ willingness to interact with 

firms and engage in positive customer citizenship behaviors on social media. This is because firm 

reputation is related to customers’ attitudes toward firms such as satisfaction, trust, and loyalty 

[12,24,110,112] and thus affects their behaviors on social media. In fact, some practitioners have warned 
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that firms with low reputation should stay out of social commerce [109]. Our research also suggests that 

firms with high reputation gain higher returns from their social commerce investments. Therefore, firms 

should realize not only the direct performance implications of firm reputation but also its indirect 

moderating role in the social commerce context. 

To better demonstrate the practical implications of our findings, we compare the stock returns of 

social commerce initiatives between two groups of firms. The first group (N = 64) consists of firms that 

sell products with high uncertainty and have high reputation, and the second group (N = 55) includes 

firms that sell products with low uncertainty and have low reputation. We find that there is a significant 

difference (p < 0.01) in the stock returns between these two groups of firms, as shown in Table 9. In 

particular, whereas the first group of firms gains significantly higher abnormal returns (CAAR = 1.59% 

[cf. CAAR = 0.86% in general]; p < 0.01), the second group suffers losses from their social commerce 

investments (CAAR = -0.72%; p < 0.1). Such a sharp difference suggests that social commerce indeed 

is not a “one size fits all” solution because firms may not benefit at all from their social commerce efforts 

under certain conditions (e.g., selling products with low uncertainty and having low reputation). 

Therefore, while we encourage firms to invest in social commerce, we also urge them to take their 

product types and firm characteristics into account to gain higher returns from their investments.    

--- Table 9 about here --- 

--- Figures 4 and 5 about here --- 

We also present the AAR and CAAR over time for these two groups of firms and all sample firms 

in Figures 4 and 5. Figure 4 indicates that, for all sample firms, the impact of social commerce initiatives 

remains positive two days after their announcements (0.06%), although it is not statistically significant 

(p > 0.1). Figure 5 also suggests that the CAAR for all sample firms reaches its peak on day +2. On the 

other hand, for firms with high product uncertainty and high firm reputation, the CAAR reaches its peak 

on day +1, suggesting that it takes a relatively shorter period for the stock markets to react to social 

commerce initiatives announced by these firms, which may be because these firms’ motivation and 

ability to make use of social media resources are so clear that the markets can react quickly to their 

social commerce initiatives. For firms with low product uncertainty and low firm reputation, the stock 

returns are negative as expected, but it takes longer for the markets to react as the negative effects reach 

their peak on day +3. This may be because of the conflicting signals sent by these firms: on the one 

hand, social commerce represents an opportunity for these firms to access valuable social media 
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resources; on the other hand, the markets doubt the motivation and ability of these firms to capitalize on 

the social media resources because of their low product uncertainty and low firm reputation. These 

conflicting signals may lead to the slower market reactions found in our research. 

 

7.2. Theoretical implications 

Integrating the RBV and OMA framework, this research advances our understanding of the stock 

returns of firms’ social commerce initiatives. First, we adopt the RBV to theorize that social media 

resources, in terms of social interactions and user contributions on social media, can be viewed as VRIN 

resources and thus a source of competitive advantage. Such a theorization provides a solid foundation 

for future research to study the performance implications of social media. Moreover, we realize that 

these resources are external to and less controllable by firms, making access to them per se insufficient 

to create a competitive advantage. We rely on the OMA framework to emphasize that the value creation 

of social media resources depends on not only firms’ opportunity but also their motivation and ability 

to make use of these resources. Our research thus provides a more comprehensive view on the 

underlying determinants of the competitive advantage arising from social media resources. However, it 

is difficult to observe and measure motivation and ability at the firm level. Consistent with prior OMA 

research, we overcome this difficulty by theorizing how some observable firm characteristics such as 

product uncertainty and firm reputation can indicate firms’ motivation and ability, respectively, to 

capitalize on social media resources. Taken together, our research offers an integrative perspective 

suggesting that firms’ social commerce initiatives, product uncertainty, and reputation represent their 

opportunity, motivation, and ability, respectively, to make use of VRIN social media resources to gain 

a competitive advantage, resulting in increased stock returns.  

Our integrative perspective offers a fertile theoretical foundation for future social commerce 

research. For instance, researchers can adopt this integrative perspective to explore other observable 

cues of firms’ opportunity, motivation, and ability in the social commerce context. A possible example 

is product complexity, which could indicate firms’ motivation and thus affect stock returns due to social 

commerce, as discussed in Section 6. Prior OMA studies have investigated the roles of other observable 

firm characteristics and actions in different research contexts such as supplier development, firm 

acquisition, and international management [61,62,99], which might inspire researchers to explore the 

applicability of these cues in the social commerce context. On the other hand, while our research is 
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focused on external social media resources, future studies can examine the possible interactions of these 

external resources with firms’ internal resources. This research direction is in line with the IS tradition, 

which emphasizes the complementarity and synergy between IS resources and other firm resources 

[101,111], but it further extends this notion by considering external social media resources.  

Our research contributes to the RBV literature by extending and revising the RBV in the social 

media context. Prior RBV studies are usually focused on firms’ internal resources and emphasize the 

importance of internalizing, owning, and controlling VRIN resources to gain a competitive advantage 

[8,111]. For instance, Barney emphasized in his seminal work that “advantages must be found in the 

rare, imperfectly imitable, and nonsubstitutable resources already controlled by a firm” ([8], p. 117; 

emphasis added). Wade and Hulland’s review on the adoption of RBV in IS also suggested that “RBV 

provides a way for IS researchers to understand the role of information systems within the firm” ([111], 

p. 132; emphasis added). Unlike these studies, our research is focused on external social media resources 

that are “not controlled or bought by the marketer” ([46], p. 268). The value of these resources lies in 

the social interactions and user contributions through social media, which tend to be more informal, 

unstructured, and uncertain. Therefore, instead of assuming that owning or controlling these social 

media resources can lead to a competitive advantage, we argue that competitive advantage is created 

through firms’ opportunity, motivation, and ability to access and use these resources. Our research thus 

revises the owning or controlling assumption of the RBV and extends its applicability to external, less 

controllable resources, which might inspire researchers to adopt the RBV to study other external 

resources that are not owned and controlled by firms directly, such as crowdsourcing and open 

innovation resources [16,28].  

Finally, the OMA framework used in our research could provide important theoretical implications 

for future research on firm performance. Consistent with recent studies [e.g., 25,61,62,99], we extend 

the OMA framework to explain the underlying determinants of firm performance. Although the OMA 

framework was originally developed to study individual work performance [15], we see the merit of 

adopting this framework at the firm level of analysis. In particular, the OMA framework allows us to 

provide a more comprehensive explanation of firm performance by considering not only firms’ 

opportunity but also their motivation and ability. However, compared with the individual level of 

analysis, it is relatively difficult to observe and measure opportunity, motivation, and ability at the firm 

level. Nevertheless, the OMA literature [25,61,62,99] suggests that researchers can rely on firms’ 
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observable characteristics and actions to interpret their corresponding opportunity, motivation, and 

ability, which, in turn, are related to firm performance. Therefore, the OMA framework provides a useful 

theoretical lens for researchers not only to explain the underlying determinants of firm performance but 

also to identify the observable cues of these determinants.     

  

7.3. Limitations and summary  

Our research, like any other studies using archival data, cannot be perfect in its measurements. For 

instance, because of the limited coverage of Fortune magazine’s MAC lists, we measure a firm’s 

reputation based on whether its reputation rank is above the industry average, which is a discrete rather 

than continuous variable. Admitting the limitation of our measurements, we have employed alternative 

approaches to measure our variables, including dependent, hypothesized, and control variables. For 

instance, we measure a firm’s reputation with two alternative approaches: one is based on whether it is 

one of the top 100 firms included in the MAC list [107] and another is based on whether it is included 

in the MAC list [21]. Our results are robust with these alternative measures, providing confidence in the 

reliability of our findings.  

On the other hand, we investigate the impact of firms’ social commerce initiatives in terms of 

abnormal stock returns, which represent investors’ overall assessment of how social commerce 

initiatives will affect firm performance. Although this approach has been well adopted in the IS literature 

[e.g., 51,54,92,106,120], it is still possible that such an assessment is systematically biased and unrelated 

to firms’ future performance [84]. Realizing this limitation, we conduct an additional test to show that 

social commerce also improves firm profitability, consistent with our findings regarding abnormal stock 

returns. Nevertheless, because this is one of the earliest studies investigating the impact of social 

commerce initiatives at the firm level, we encourage researchers to examine other performance 

outcomes of firms’ social commerce initiatives such as sales, costs, and operational efficiency 

[43,52,66,97] and verify the conclusion made in our research.   

Another limitation of our research is that we are only focused on the stock returns due to firms’ 

social commerce efforts, ignoring the social media activities initiated by individual consumers directly 

without firms’ involvement or moderation. Indeed, prior research has shown that consumer-initiated 

social media activities such as blog posts and consumer ratings are related to firms’ stock returns and 

other performance outcomes such as product sales [e.g., 29,35,72]. Therefore, it will be interesting for 
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researchers to investigate the dynamics between firm-initiated and consumer-initiated social media 

activities and their effects on stock returns and other performance outcomes.  

Finally, some business activities such as new product releases may affect firms’ decisions to 

implement social commerce and stock returns simultaneously, inflating the relationship between firms’ 

social commerce initiatives and stock returns. Our research adopts two approaches to mitigate this 

endogeneity concern. First, when selecting social commerce initiatives for this research, we follow prior 

event studies [e.g., 74,77] by removing those social commerce initiatives with confounding events such 

as mergers and acquisitions, major contract awards, and key executive changes. Moreover, consistent 

with recent event studies [e.g., 79,100], we adopt PSM to match each sample firm with a control firm 

based on a list of variables concerned with firm characteristics, which helps address self-selection bias. 

Although those research designs mitigate the endogeneity concern, they cannot completely rule out the 

possibility of endogeneity as some firm characteristics and activities are unobservable. We thus 

encourage future research to further improve the research designs to address the endogeneity concern.    

To conclude, our research provides a novel and comprehensive explanation of the stock returns due 

to firms’ social commerce initiatives. Our integrative perspective emphasizes that firms’ competitive 

advantage arises from not only their opportunity but also their motivation and ability to make use of 

social media resources. We view firms’ social commerce initiatives, product uncertainty, and firm 

reputation as indications of their opportunity, motivation, and ability, respectively, to capitalize on the 

social media resources, affecting the extent to which the competitive advantage can be realized. We 

employ the event study methodology to quantify the resultant competitive advantage in terms of stock 

returns. Consistent with our arguments, we find that social commerce increases firms’ stock returns, but 

such increases are more significant for firms selling products with high uncertainty and having high 

reputation. We provide practical guidance on investing in social commerce and offer theoretical 

implications for studying external resources in general and social media resources in particular.    
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Table 1   

Examples of social commerce initiatives extracted from Factiva. 

Social Commerce 
Example 

Text Extracted from Factiva Company 
Name 

Type of Social 
Commerce 

Type of 
Product 

Ownership of Social 
Media Platform 

Rosetta Stone 
Launches Ratings 
& Reviews from 
Bazaarvoice 

Bazaarvoice, the market and technology leader in hosted social commerce applications 
that drive sales, today announced that Rosetta Stone Inc. (NYSE:RST), a leading 
provider of technology-based language-learning solutions, has launched the 
Bazaarvoice social commerce platform with Ratings & Reviews™ at 
www.RosettaStone.com. New customers can easily browse customer-generated 
reviews at the category level (Learn Dutch) or product level (Dutch Level 1, 2, and 3 
Set with Audio Companion™) and learn which solution is applicable to their interest 
and skill level. 

Rosetta 
Stone Inc. 
(NYSE: 

RST) 

Relational 
social 

commerce 
(presales 
phase) 

Experience 
product 

(language-
learning 

solutions) 

Own social media 
platform 

(RosettaStone.com) 

Aeropostale 
Launches Store 
for Facebook 
Fans 

Aeropostale, Inc. (NYSE: ARO), a mall-based specialty retailer of casual apparel for 
young women and men, has launched a fully integrated Facebook Store, powered by 
Usablenet's technology platform, that combines shopping and social media and extends 
full e-commerce functionality to the Aeropostale Facebook community. In addition to 
being able to purchase from Aeropostale’s entire online inventory, the integrated 
Facebook e-commerce store allows users to easily “Like” and share items and 
purchases with their Facebook network – leveraging the viral nature of Facebook’s 
news feed.  

Aeropostale, 
Inc. (NYSE: 

ARO) 

Transactional 
social 

commerce 
(sales phase) 

Search 
product 
(casual 
apparel) 

Third-party social 
media platform 

(Facebook) 

Qwest Launches 
“Talk to Qwest” 
on Twitter 

The microblogging site Twitter is fast becoming a new way for companies to interact 
with customers, and Qwest (NYSE: Q) [a telecommunications service provider] today 
launched its own presence on Twitter, called “Talk to Qwest.” The Talk to Qwest team 
will monitor for customer service-related “tweets” and respond to and resolve 
customers’ problems in a whole new way. A team of Qwest representatives in Boise 
and Idaho Falls, Idaho, as well as Sioux Falls, S.D., are the “faces” of Talk to Qwest 
and proactively engage customers who may be having service problems and respond to 
customers who contact them. 

Qwest  
(NYSE: Q) 

Relational 
social 

commerce 
(postsales 

phase) 

Experience 
product 
(telecom 
service) 

Third-party social 
media platform 

(Twitter) 

Wet Seal 
Announces 
Launch of New 
Online Fashion 
Community 

The Wet Seal, Inc. (Nasdaq:WTSLA), a leading specialty retailer to young women, 
today announced the launch of a new “fashion community” on the Company’s website, 
www.wetseal.com. The fashion community offers customers an enhanced shopping 
experience through a social networking platform using the latest Web 2.0 Technology. 
Customers can now not only shop but can also create original Wet Seal styles by 
building outfits using the entire online assortment. Key features of the fashion 
community include the ability to build, tag, share and purchase outfits through a 
personalized boutique, build a fashion network by chatting with other stylists in the 
message center, and rate and purchase other stylists’ outfits in “The Runway.” 

The Wet 
Seal, Inc. 
(Nasdaq: 
WTSLA) 

Transactional 
social 

commerce 
(sales phase) 

Search 
product 
(outfits) 

Own social media 
platform 

(wetseal.com) 
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Table 2   

Descriptive statistics. 

Panel A: Number of Social Commerce Initiatives by Year 

Year Number of Social Commerce Initiatives Percent 

2006 13 3.7 

2007 56 16.1 

2008 36 10.3 

2009 55 15.8 

2010 95 27.3 

2011 93 26.7 

Total 348 100.0 

Panel B: Number of Social Commerce Initiatives by Firm 

Number of Social Commerce Initiatives Number of Firms Percent 

1 186 77.2 

2 32 13.3 

3 11 4.6 

4 4 1.7 

5 3 1.2 

6 3 1.2 

7 1 0.4 

9 1 0.4 

Total 241 100.0 

Panel C: Firm Characteristics  

Variable Unit Mean Std. deviation Minimum Maximum 

Sales Millions of dollars 19288.958 40936.519 0.314 420016.000 

Total assets Millions of dollars 42790.493 177704.545 3.458 2237344.179 

Number of employees Thousands 64.517 154.658 0.014 2100.000 

Operating income Millions of dollars 2938.982 5883.198 -797.368 44319.000 

Return on assets Ratio 0.101 0.183 -1.642 0.576 

Return on sales Ratio 0.091 0.729 -11.283 0.598 
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Table 3   

Variable descriptions. 

Variable  Definition Measurement Data Source Reference 

Social 
Commerce 

Initiative 

A firm’s initiative to 
integrate social media 

into its sales and 

marketing process 

Identify a firm’s social commerce 
initiatives based on its 

announcements in Factiva and 

code each initiative as an event 

Factiva [4,106] 

Abnormal 

Return 

Difference between the 

actual return with the 
occurrence\e of an event 

and the expected return 

had there been no event 

Abnormal Return = Actual 

Return - Expected Return 

CRSP, Kenneth 

French Data 
Library 

[22,40] 

Cumulative 
Abnormal 

Return 

Sum of abnormal returns 
over an event window 

Cumulative Abnormal Return = 
∑Abnormal Returns 

CRSP, Kenneth 
French Data 

Library 

[22,40] 

Product 

Uncertainty 

Uncertainty of the 

products offered by a 

firm 

High Product Uncertainty = 

Experience product (N = 187), 

Low Product Uncertainty = 
Search product (N = 88) 

Factiva, Hoover’s 

company profiles\, 

annual reports\ 

[81,82] 

Firm 

Reputation 

Reputation of a firm prior 

to the social commerce 

initiative 

High Firm Reputation = Rank on 

or above the industry average (N 

= 97), Low Firm Reputation = 

Rank below the industry average 
(N = 178) 

Fortune magazine [48,117]  

Platform 

Ownership  

Ownership of the social 

media platform deployed 

by a firm 

Third-party platform = 1 (N = 

173), Own platform = 0 (N = 

102) 

Factiva [43,88] 

Firm 

Profitability 

Profitability of a firm 

prior to the social 

commerce initiative  

Return on Assets (ROA) Compustat [72,114] 

Firm Size Size of a firm prior to the 

social commerce 

initiative 

Ln(Total Assets) Compustat [51,103] 

Firm Age Age of a firm prior to the 

social commerce 

initiative 

Ln(Announcement Year - 

Founding Year) 

Hoover’s company 

profiles 

[57,87]  
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Table 4    

Test results of abnormal returns. 

Panel A: Average Abnormal Return (AAR) 

Day N AAR 
Positive: 

Negative 

Binomial Sign 

Test 

Corrado Rank 

Test 

Wilcoxon Signed Rank 

Test 

-1 275 0.17% 150:125 2.174** 2.272** 2465.000** 

0 275 0.36% 152:123 2.415*** 2.236** 3192.000*** 

+1 275 0.32% 156:119 2.898*** 2.966*** 3352.000*** 

Panel B: Cumulative Average Abnormal Return (CAAR) 

Days N CAAR 
Positive: 

Negative 

Binomial Sign 

Test 

Corrado Rank 

Test 

Wilcoxon Signed Rank 

Test 

-30, -2 275 0.43% 131:144 -0.120 -0.101 -97.000 

-1, 0 275 0.53% 156:119 2.898*** 3.188*** 3686.000*** 

0, +1 275 0.68% 160:115 3.381*** 3.678*** 4570.000*** 

-1, +1 275 0.86% 175:100 5.191*** 4.315*** 5720.000*** 

+2, +30 268 -0.16% 128:140 -0.080 -0.451 -619.00 

* p < 0.1, ** p < 0.05, *** p < 0.01 (one-tailed tests). 

 

 

 

Table 5    

Correlation matrix. 

Variable Mean Std. dev. 1. 2. 3. 4. 5. 6. 7. 

1. CAR (%) 0.858 3.494 1       

2. Product Uncertainty 0.672 0.470 0.280***  1       

3. Firm Reputation 0.379 0.486 0.150**  -0.020  1      

4. Platform Ownership 0.633 0.483 0.138**  0.089  0.194***  1     

5. Firm Size 8.491 2.395 0.072  0.048  0.587***  0.182***  1    

6. Firm Profitability 0.106 0.181 0.076  -0.058  0.089  -0.045  0.222***  1   

7. Firm Age 3.542 1.027 -0.017  0.027  0.296***  0.068  0.483***  0.214***  1  

* p < 0.1, ** p < 0.05, *** p < 0.01 (two-tailed tests). 
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Table 6    

Cross-sectional regression results. 

Variable Model 1 Model 2 Model 3 

Intercept 
-1.181 

(-1.235) 

-2.129** 

(-2.317) 

-1.395 

(-1.444) 

Firm Size 
0.114 

(0.979) 

0.089 

(0.814) 

-0.060 

(-0.475) 

Firm Profitability 
0.278 

(0.224) 

0.144 

(0.123) 

0.446 

(0.383) 

Firm Age 
-0.219 

(-0.903) 

-0.209 

(-0.913) 

-0.199 

(-0.878) 

Platform Ownership  
1.173*** 

(2.785) 

0.869** 

(2.167) 

0.811** 

(2.038) 

Product Uncertainty  
2.467*** 

(5.259) 

2.492*** 

(5.361) 

Firm Reputation   
1.025** 

(2.246) 

Year Dummies Included Included Included 

Industry Dummies Included Included Included 

Number of Observations (N) 256 256 256 

R-square 0.235 0.325 0.341 

Adjusted R-square 0.066 0.172 0.188 

F-value 1.395* 2.128*** 2.229*** 

* p < 0.1, ** p < 0.05, *** p < 0.01 (two-tailed tests for control variables and one-tailed tests for hypothesized variables); t-

statistics are in parentheses.  

 

 

 

Table 7    

Results of hypothesis testing. 

Hypothesis Method Finding 
Is the hypothesis 

supported? 

H1. Firms’ social commerce initiatives have a 

positive impact on their stock returns, even 

when firm characteristics are controlled for. 

Event study 
Significant positive 

stock returns 
Yes 

H2. The impact of social commerce initiatives 

on stock returns is more positive for firms 

selling products with high uncertainty. 

Cross-sectional 

regression 

Significant positive 

coefficient for 

product uncertainty 

Yes 

H3. The impact of social commerce initiatives 

on stock returns is more positive for firms 

with high reputation. 

Cross-sectional 

regression 

Significant positive 

coefficient for firm 

reputation 

Yes 
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Table 8    

Sensitivity test results. 

Panel A: Cumulative Average Abnormal Return (CAAR) 

Model N CAAR Positive: 

Negative 

Binomial 

Sign Test 

Corrado Rank 

Test 

Wilcoxon Signed 

Rank Test 

1. 240-day estimation period 269 0.78% 161:108 3.900*** 4.283*** 4748.500*** 

2. Fama–French’s three-factor model 275 0.77% 173:102 4.970*** 4.267*** 5428.000*** 

3. Value-weighted index 275 0.82% 160:115 3.365*** 4.255*** 4791.000*** 

4. Propensity score matching 221 0.59% 121:100 1.839** 1.961** 1668.500** 

    
Crude Dependence 

Adjustment Test 

Calendar-Time 

Test 

5. Parametric test 275 0.86% 175:100 3.726*** 3.959*** 

    
Binomial 

Sign Test 

Parametric  

T-Test 

Wilcoxon Signed 

Rank Test 

6. Abnormal profitability change 166 0.79% 94:72 1.630* 2.034** 1134.500** 
 

Panel B: Cross-Sectional Regression Model 

Model Product 

Uncertainty 

Firm  

Reputation 

N Adjusted  

R-square 

F-value 

1. 240-day estimation period 
2.084*** 

(4.429) 

0.741* 

(1.616) 
250 0.158 1.976*** 

2. Fama–French’s three-factor model 
2.330*** 

(5.112) 

0.862** 

(1.927) 
256 0.167 2.062*** 

3. Value-weighted index 
2.336*** 

(5.105) 

1.020** 

(2.270) 
256 0.178 2.151*** 

4. Propensity score matching 
2.243*** 

(2.990) 

1.347** 

(1.771) 
211 0.215 1.781*** 

5. Abnormal profitability change 
1.500* 

(1.420) 

1.536* 

(1.533) 
163 0.171 1.780*** 

6. Replace Product Uncertainty with Product 

Complexity 

1.844*** 

(3.221) 

0.906** 

(1.905) 
256 0.119 1.719*** 

7. Measure Firm Reputation based on whether 

firms are top 100 firms in the MAC list  

2.510*** 

(5.358) 

0.778* 

(1.548) 
256 0.178 2.147*** 

8. Measure Firm Reputation based on whether 

firms are included in the MAC list 

2.476*** 

(5.341) 

1.334*** 

(2.472) 
256 0.192 2.262*** 

9. Measure Firm Size as Ln(Employees) 
2.508*** 

(5.332) 

0.871** 

(1.930) 
253 0.181 2.160*** 

10. Measure Firm Profitability as ROS 
2.382*** 

(5.151) 

1.071*** 

(2.383) 
256 0.206 2.378*** 

11. Measure Firm Age as Ln(announcing year 

- IPO year) 

2.477*** 

(5.231) 

1.083** 

(2.297) 
252 0.187 2.199*** 

12. Include additional control variables 
2.471*** 

(5.315) 

1.171** 

(2.523) 
256 0.191 2.201*** 

13. Heteroskedasticity-consistent estimation 
2.492*** 

(5.527) 

1.025** 

(2.214) 
256 0.188 2.229*** 

* p < 0.1, ** p < 0.05, *** p < 0.01 (one-tailed tests). 
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Table 9   

Intergroup comparison results. 

Group N CAAR 
Positive: 
Negative 

Wilcoxon Signed 
Rank Test 

Mann-Whitney U 
Test 

High product uncertainty 

and high firm reputation 
64 1.59% 47:17 1720.000*** 

2554.000*** 
Low product uncertainty 

and low firm reputation 
55 -0.72% 19:36 -543.000* 

* p < 0.1, ** p < 0.05, *** p < 0.01 (two-tailed tests). 
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Figure 1. Research model. 
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Figure 2. Partial regression plot of CAR and product uncertainty.  

 

 

 

 

Figure 3. Partial regression plot of CAR and firm reputation.  
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Figure 4. Average abnormal return (AAR) from day -1 to day +5. 

 

 

 

 

Figure 5. Cumulative average abnormal return (CAAR) from day -1 to day +5.  


