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Abstract. Accurately predicting brain tissue perfusion and infarct vol-
ume after an acute ischaemic stroke requires the two-way coupling of
perfusion models on multiple scales. We present a method for such two-
way coupling of a one-dimensional arterial blood flow model and a three-
dimensional tissue perfusion model. The coupling occurs through the pial
surface, where the pressure drop between the models is captured using
a coupling resistance. The coupled model is used to simulate arterial
blood flow and tissue perfusion during an acute ischaemic stroke. Infarct
volume is estimated by setting a threshold on the perfusion change. By
coupling these two models, we can capture the effect of retrograde flow
and its effect on tissue perfusion and infarct volume.

Keywords: Cerebral tissue perfusion · Acute ischaemic stroke · Multi-
scale modelling · Infarct volume modelling · Blood flow simulations

1 Introduction

An acute ischaemic stroke (AIS) is caused by the sudden blockage of a cerebral
vessel by a thrombus. Every year, millions of people suffer an AIS, resulting in
disability and possibly death [5]. The sudden loss of blood flow to tissue, i.e.
perfusion, leads to the formation of a cerebral infarct. Understanding how an
infarct forms during an AIS can help medical decision making and treatment
development. To understand infarct formation, it is necessary to understand
how an AIS affects brain tissue perfusion. Unfortunately, predicting brain tissue
perfusion is not trivial.

One particular problem is the range of scale of the cerebral vasculature.
The diameter of blood vessels ranges from micrometers in the capillaries to
millimeters in the large systemic arteries. There are billions of vessels in the mi-
crocirculation. Solving the Navier-Stokes (NS) equations for the entire vascular
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system is currently not feasible. As a result, approximations have to be made to
solve parts of the vascular system using simplified equations. One-dimensional
approximations of the NS equations accurately capture blood flow for the large
vessels [1,18,19,23]. The microcirculation can be described as a three-dimensional
porous medium [6,8,10,13].

There are multiple phenomena where effects on the small scale have an effect
on the large scale, and vice-versa. For instance, a growing infarct affects the flow
of blood by the death of capillary pericytes, leading to vessel constriction [7].
In addition, retrograde blood flow beyond the thrombus is often observed [2,21].
Capturing these phenomena and their effect on arterial blood flow and tissue
perfusion requires a fully coupled model that captures blood flow on multiple
scales. Accurately predicting infarct volume after an AIS therefore requires two-
way coupling of models of blood flow models describing arterial blood flow and
cerebral tissue perfusion.

Here, we present a method for the two-way coupling between a one-dimensional
blood flow model to a three-dimensional tissue perfusion model. The coupling
occurs through the pial surface where the pressure drop between the models is
captured using a coupling resistance. First, a test model of the brain is used
to illustrate the models, the coupling algorithm, and show the accuracy of the
solutions. Then, the coupled model is used to simulate arterial blood flow and
cerebral tissue perfusion during an AIS. The change in tissue perfusion and in-
farct volume are quantified and compared to the uncoupled case.

2 Methods

The main focus of this work is the coupling of a one-dimensional blood flow (1-D
BF) and a three-dimensional tissue perfusion model (3-D perfusion). The 1-D
BF and 3-D perfusion models in this work are briefly described for completeness.
We refer to our previous work for a more detailed description of the individual
models [10,15].

2.1 One-Dimensional Blood Flow Model

Blood vessels are modelled as thin elastic tubes and blood as an in-compressible
viscous fluid. Every vessel segment is modelled as a pressure-dependent resis-
tance. The vessels are discretised to a minimum of three nodes, i.e. two terminal
and one internal node, and to a maximum resolution of 2.5 mm along the length
of the vessel.

The pressure in the network is calculated by solving the mass-balance equa-
tions given by ∑

j

Gij (Pi − Pj) = Si (1)

with Pi the pressure at node i, Gij the conductance, i.e. inverse of resistance,
between nodes i and j, and Si a source term for every node i. The conductance
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of a segment is given by G = πR4

2(ζ+2)µL , where R is the mean segment radius, L
is the segment length, µ is the dynamic viscosity, and ζ is a constant related to
the velocity profile, with 2 representing a parabolic profile, i.e. laminar flow, and
9 representing a flatter profile [20]. The larger constant is the result of a blunt
velocity profile in the vessel [3]. We use the constant of a blunt profile, ζ = 9.

The resulting system can be written as

G~P =


∑
G1j −G12 · · · −G1N

−G21

∑
G2j · · · −G2N

...
...

. . .
...

−GN1 · · · · · ·
∑
GNj



Pi
...
...
PN

 =


Si
...
...
SN

 = ~S (2)

The pressure-area relationship of a vessel is given by [14]

P = P0 +

√
πEh

A0 (1− ν2)

(√
A−

√
A0

)
(3)

The volumetric flow rate in a segment, Qij , is calculated by

Qij = (Pi − Pj)Gij (4)

The resulting system is solved iteratively until

εP =

∣∣∣ ~Pi − ~Pi−1

∣∣∣∣∣∣ ~Pi

∣∣∣ < 10−12 (5)

with ~Pi and ~Pi−1 being the pressure vectors during the ith and (i−1)th iterations,
respectively.

2.2 Three-Dimensional Tissue Perfusion Model

Tissue perfusion is simulated using a multi-compartmental porous medium ap-
proach [10]. Three compartments are used to simulate blood flow through the
arterioles, capillaries and venules. The compartments are located at the same
spatial location and are coupled locally.

The equations describing flow through the three compartments are given by

∇ · (Ka∇pa)− βac(pa − pc) = 0

∇ · (Kc∇pc) + βac(pa − pc)− βcv(pc − pv) = 0

∇ · (Kv∇pv) + βcv(pc − pv) = 0

(6)

where pa, pc, pv are the pressure corresponding to the arterial, capillary and
venule compartment, Ka, Kc, and Kv are the permeability tensors of the re-
spective compartment, and βcv, and βcv are the coupling coefficients between
the arterial-capillary, capillary-venule compartments respectively. The brain is
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divided into white and grey matter regions with different coupling coefficients.
The model parameters are optimised to achieve pre-set perfusion targets with a
total cerebral perfusion of 600 mL/min. For the full derivation, solution method,
and motivation, we refer to [10].

Tissue perfusion, in units of mL/min/100mL, is calculated as

F = 6000βac(pa − pc) (7)

where 6000 is a unit conversion factor, the product of 60 seconds and 100 mL.
Tissue perfusion drops during a stroke, the perfusion change is defined as

F∆ =
FStroke − FHealthy

FHealthy
100% (8)

An infarct can be determined by setting a threshold for the change in perfusion,
a value of -70% is used in this paper [4].

2.3 Two-way Coupling Between Blood Flow And Tissue Perfusion
Models

We assume that between the outlets of the 1-D BF model and the 3-D perfusion
model, vessels exist that are not included in either of the models and that result
in a pressure drop. Furthermore, we assume that each outlet of the 1-D model
has its own perfusion territory on the pial surface. These regions are determined
by a mapping algorithm, as described previously as part of our previous work
[15]. During a baseline simulation, i.e. healthy scenario, the surface pressure of
the 3-D perfusion model is assumed to be psurface. Setting the pressure at the
surface to psurface closes the 3-D perfusion model. The flow rate at the surface
for each perfusion territory Qi can then be calculated by integrating the velocity,
(for example, ua = Ka∇pa)", normal to the surface over the area. The coupling
resistance between both models can be calculated as

Ri =
Pi − Psurface

Qi
(9)

where i corresponds to the outlet nodes of the 1-D BF model. The coupling
resistance is added to each outlet of the 1-D BF model with the outlet pressure set
to psurface. The 1-D BF model is solved and the outlet resistance updated until
a relative tolerance of 10−9 is reached. To ensure convergence of the model, the
coupling resistance is first calculated using the venous pressure. If the pressure at
the outlets is less than psurface, the inlet pressure is increased with the difference
until the lowest outlet pressure is larger than psurface. Finally, the coupling
resistance is calculated using equation 9.

During a stroke, the assumption of a uniform surface pressure is lifted. The
coupling problem becomes finding the surface pressures such that the two models
agree on the volumetric flow rate at each outlet. This optimisation problem is
solved using a Newton-Krylov solver minimising the difference in volumetric flow
rate between the models to a relative tolerance less than 10−9. A uniform surface
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pressure, i.e. psurface is used as an initial guess for the solver. The optimisation
algorithm requires on the order of 3 iterations before convergence. The total
run time is around 2.5 hours on a AMD Ryzen 7 3700x 8-core processor with
80 GB of RAM. The main computational cost is running the 3-D perfusion
model to obtain an estimate of the Jacobian. The model parameters used in the
simulations are listed in Table 1.

2.4 Test Model

A test model is created by combining a bifurcating tree with a cube. In the
arterial compartment, four sides of the cube are coupled to the bifurcating tree,
the top and bottom sides set as no flow boundaries. In the capillary compartment,
all sides are set as no flow boundaries. In the venule compartment, the four sides
coupled to the bifurcating tree are set to venous pressure, the top and bottom
sides as set as no flow boundaries. The cube is divided into white and grey
matter regions with different coupling coefficients. A symmetric bifurcating tree
is generated using Murray’s law, given by R3

0 = 2R3
1, starting from an initial

vessel with a length of 200 mm, a radius of 10 mm and a Young’s modules of 0.4
MPa. Daughter vessels have a Young’s modules of 1.6 MPa, similar to a cerebral
arteries. The model parameters used in the simulations are listed in Table 1. The
parameters are optimised to obtain a a pre-set perfusion in the healthy case of
600 mL/min according to [10]. A stroke is simulated by occluding one of the first
generation vessels. The dimensions of the cube are 100 mm per edge, the inner
white matter region has dimensions of 50 mm per edge with a cut-out cube of
25 mm per edge.

Table 1: Model parameters, superscripts G and W indicate values corresponding
to grey and white matter.

Cube Human Brain

Parameter Value Value Unit

pin 12500 12500 Pa
pvenous 0 0 Pa
psurface 9000 8000 Pa
ν 0.5 0.5 -
µ 3.5 3.5 mPa
ζ 9 9 -
ka 7.61× 10−3 1.987× 10−3 mm3s/g
kc [6] 4.28× 10−7 4.28× 10−7 mm3s/g
kv 1.52× 10−2 3.974× 10−3 mm3s/g
βG
ac 1.699× 10−6 1.624× 10−6 Pa/s
βG
cv 5.947× 10−6 5.683× 10−6 Pa/s
βG/βW 2.61 2.58 -
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3 Results

3.1 Test Model

Figure 1 shows the test model designed to illustrate the models and the coupling
algorithm. A section is removed to show the inner parts of the brain. The blood
flow model is a symmetric bifurcating tree with four outlets and one inlet, Figure
1a shows the pressure when a thrombus is occluding one of the vessels. Figure 1b
shows the brain mesh used in this example. The brain consists of white matter
and grey matter, which differ in their coupling coefficient, Figure 1c shows the
coupling coefficients for white and grey matter regions. Figure 1d, Figure 1e, and
Figure 1f show the pressure in the arteriole, capillary, and venule compartments
respectively during an occlusion. The volumetric flow rate through the top and
the bottom surfaces is zero, the other four sides are coupled to the bifurcating
tree shown in Figure 1a. Tissue perfusion is calculated using equation 7. Figure
1g shows tissue perfusion during baseline while Figure 1h shows tissue perfusion
during an occlusion. The resulting perfusion change is shown in Figure 1i.

3.2 Coupled Brain Model

The coupled model consists of a 1-D BF model and a 3-D perfusion model, as
shown in Figure 2. Figure 2a and Figure 2b show the 1-D BF model and the
3-D perfusion model respectively. The two models are coupled through the pial
surface, Figure 2c, a coupling resistance captures the pressure drop caused by
absent vessels. Figure 2d shows the pressure during a baseline simulation; Figure
2e shows the resulting tissue perfusion during this baseline simulation.

3.3 Modelling Acute Ischaemic Stroke

An AIS can be simulated by occluding one of the major cerebral vessels. The
occlusion in the simulations presented here is located in the right middle cerebral
artery (MCA). Figure 3 shows the difference between the uncoupled and coupled
models during an AIS. Figures 3a and 3b show the pressure in the 1-D BF model,
while Figures 3c and Figure 3d show tissue perfusion during during an occlusion
of the right MCA for the uncoupled and coupled models respectively. Figure 3e
and Figure 3f show the change in tissue perfusion during the same occlusion. If
the models are not coupled, the predicted volumetric flow rate and pressure at the
boundary regions downstream of the occlusion predicted by the 1-D BF model
are zero and venous pressure respectively. Simulating brain tissue perfusion with
these values results in the worst-case scenario. Simulation brain tissue perfusion
with two-way coupling results in smaller predicted infarct volumes. Table 2 lists
tissue perfusion and infarct volumes values per simulation.

4 Discussion

Coupling arterial blood flow and tissue perfusion models is not trivial. One
difficulty occurs due to the difference of the mathematical formulation of the
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Fig. 1: (a) The arterial blood flow model consists of a symmetric bifurcating
tree. Shown is the pressure during an occlusion of the first daughter vessel. (b)
The brain mesh used in this example. (c) The permeability coefficients of the
perfusion model. White and grey matter regions have different values. (d, e,
f) Pressure during an occlusion in the arteriole, capillary and venule compart-
ments respectively. (g) Healthy tissue perfusion. (h) Tissue perfusion during an
occlusion. (i) Perfusion change as a result of an occlusion.
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a b

c

d e

Fig. 2: (a) The 1-D BF model. (b) The mesh used in the 3-D perfusion model.
Shown are the white and grey matter regions. A region is cut out to show the
inner regions. (c) The coupling method between the models. Each outlet of the
1-D BF model is connected to a surface region on the boundary of the brain
mesh. (d) Pressure in the 1-D BF model during baseline. (e) Tissue perfusion in
the 3-D perfusion model during baseline.
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a b

c d

e f

Fig. 3: Comparison between uncoupled and coupled models during an occlusion.
Front view of the brain, the brain is sliced to reveal the inner parts. (a) Pressure
in the uncoupled and coupled 1-D BF model respectively. (c, d) Tissue perfusion
in the uncoupled and coupled 3-D perfusion model respectively. (e f) Tissue
perfusion change in the uncoupled and coupled 3-D perfusion model respectively.
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Table 2: Tissue perfusion and infarct volume values.

Tissue Perfusion [mL/min/100mL] Infarct Volume [mL]

Simulation Healthy Uncoupled Coupled Healthy Uncoupled Coupled

Grey Matter 55.67 43.47 45.53 0.0 189.4 162.4
White Matter 20.62 15.47 16.36 0.0 120.0 99.2
Total 43.16 33.47 35.12 0.0 309.4 261.5

two models. The one-dimensional arterial blood flow model describes pressure
and flow rates as discrete values in a single point, while the three-dimensional
tissue model uses volume averages over the surface. This difficulty is resolved
in our model by the use of a coupling surface at the cerebral cortex, or pial
surface. An alternative is the use of a volume source term, such as Peyrounette
et al. have done [17]. The human brain is perfused through the pial surface by
the penetrating arterioles [9]. The use of a coupling surface, i.e surface source
terms, is therefore a valid alternative to volume source terms. In addition, this
approach also simplifies the coupling. The surface pressure of the human brain is
not known in detail and is assumed in this paper to be 8000 Pa (60 mmHg). The
perfusion model parameters are optimised to achieve a pre-set total perfusion of
600 mL/min during the baseline simulation regardless of surface pressure.

Another difficulty arises due to the unavailability of data of the entire cerebral
vasculature for a single patient. Between the two models, there is a lack of
information by the absence of the pial surface vessels. We solve this problem by
calculating a coupling resistance between the models. The resistance captures the
effect of the missing vessels. Another approach would be to explicitly generate
a bifurcating tree with equivalent resistance [12,16]. However, the outlets of
these trees would also need to be explicitly coupled to the tissue model. The
coupling resistances found depend on the value of assumed surface pressure, a
higher pressure leads to a smaller value and therefore less resistance. The total
resistance in the system sets the amount of flow while the relative fraction at
each outlet determines the volumetric flow rate at that outlet.

The velocity profile in the large vessels is not parabolic but rather blunt [20].
Models of the large vessels account for this by increasing the resistance. In the
microcirculation, a laminar velocity profile is often assumed. In this paper, the
1-D BF model uses the parameter of a blunt profile to calculate the pressure.
This choice results in a larger pressure drop in the arteries. The blunt profile does
not hold for the entire vasculature and decreases towards a parabolic profile, i.e.
laminar flow in the microcirculation. However, it is not clear how this parameter
changes and is therefore kept constant in this paper. The assumed pial surface
pressure in the healthy scenario can be incompatible with the assumed velocity
profile. To still achieve convergence, the inlet pressure is increased until the
lowest pressure at an outlet matches the assumed surface pressure. For a laminar
velocity profile, the inlet pressure does not need to be increased. It is worthwhile
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to note that the tissue perfusion and infarct volume values are not affected by
the choice of velocity profile parameter.

Figure 1 shows a simple example of a bifurcating tree representing the ar-
terial vasculature and a cube representing the brain. The perfusion parameters
are optimised to achieve a total perfusion of 600 mL/min during the baseline
simulation. An occlusion is simulated by occluding one of the branches. The
un-occluded branch then provides all blood flow to the downstream tissue. How-
ever, it is unable to perfuse the entire volume at the same level. As a result, the
entire volume is perfused at a lower level with the furthest regions dropping the
most. The infarct volume in this case would be half the volume, depending on
the chosen threshold. Note that tissue perfusion does not drop to zero anywhere
in the volume. The surface pressure in the baseline simulation is chosen to be
9000 Pa as the pressure drop in the bifurcating tree is much smaller than for the
human brain. Choosing a different value for the surface pressure will change the
coupling resistances as a smaller pressure drop between the models means less
resistance for the same volumetric flow rates. During an occlusion, the surface
pressure drops as the volumetric flow rate increases.

Figure 2a and 2b shows the 1-D BF model and tissue perfusion model applied
to a human cerebral vasculature and brain respectively. The outlets of the 1-D
BF model are coupled to surface regions on the surface of the brain, as shown in
Figure 2c, the coupling resistances are not shown. By assuming a uniform surface
pressure at the surface of the 3-D perfusion model, the volumetric flow rates can
be calculated and used to determine the coupling resistances. Figures 2d and
2e show the resulting baseline simulation for the 1-D BF and 3-D perfusion
models respectively. The baseline simulations are able to achieve realistic values
for tissue perfusion, as shown in Table 2.

Figure 3 shows a comparison between the uncoupled and coupled versions of
the model. Coupling the two models provides a different estimate of the pressure
and flow rates at the pial surface than the uncoupled model. The perfusion
change, Figures 3e and 3f, show that tissue perfusion drops less in the coupled
model. The surface pressure in the coupled model is larger than in the uncoupled
model. The surface pressure during an occlusion is not set to a certain value in
the coupled model, but is instead the solution of a root finding algorithm. This
provides a more accurate solution of the surface pressure during an occlusion. In
the coupled model, the regions surrounding the infarcted region are perfused less
as a result of retrograde flow. Table 2 lists the difference in mean tissue perfusion
and infarct volumes for the healthy, uncoupled and coupled simulations. The
coupled model results in a lower infarct volume at the chosen threshold.

The simulations presented in this paper represent a patient with a complete
occlusion of the right MCA without any collateral vessels. These vessels provide
flow through alternative pathways and maintain perfusion [11,22]. In addition,
the effect of tissue death on blood flow is neglected. These effects are outside
the scope of this paper. We are planning to investigate the neglected features in
future. The simulations presented here therefore represent a worst-case scenario.
Two-way coupling is necessary to provide better estimates of infarct volume,
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capture the effect of collateral flow, and simulate the growth of the infarct core.
Our aim is the creation of a model that can simulate the formation and growth
of the infarct volume during an AIS. By coupling these two types of models, we
are one step closer to accurately predicting infarct volume and location.

5 Conclusion

Accurately predicting infarct volume after an AIS requires two-way coupling
of models describing arterial blood flow and tissue perfusion. Here, we present
a method for the two-way coupling between a one-dimensional arterial blood
flow model and a three-dimensional tissue perfusion model. A test model is
presented to showcase the models and algorithms. The two-way coupling allows
for feedback between the models, thereby capturing retrograde flow and leading
to a smaller estimate of infarct volumes.

6 Funding

This project (INSIST; www.insist-h2020.eu) has received funding from the Eu-
ropean Union’s Horizon 2020 research and innovation programme under grant
agreement No 777072.

7 Conflicts of Interest

The authors declare no conflict of interest

8 Authors’ contributions

R.M.P. has developed the coupling algorithm, the 1-D blood flow model and
written the manuscript under the supervision of G.Z and A.G.H. T.I.J. has
pre-processed the brain mesh, developed the 3-D tissue perfusion model and the
optimisation of the model parameters under the supervision of S.J.P. All authors
have contributed to the design of the research and revision of the paper.

References

1. Alastruey, J., Moore, S.M., Parker, K.H., David, T., Peiró, J., Sherwin, S.J.:
Reduced modelling of blood flow in the cerebral circulation: Coupling 1-D, 0-D
and cerebral auto-regulation models. International Journal for Numerical Meth-
ods in Fluids 56(8), 1061–1067 (3 2008). https://doi.org/10.1002/fld.1606, http:
//doi.wiley.com/10.1002/fld.1606

2. Arrarte Terreros, N., Tolhuisen, M.L., Bennink, E., Jong, H.W.d., Beenen, L.F.,
Majoie, C.B., Bavel, E.v., Marquering, H.A.: From perviousness to permeability,
modelling and measuring intra-thrombus flow in acute ischemic stroke. Journal of
Biomechanics p. 110001 (8 2020). https://doi.org/10.1016/j.jbiomech.2020.110001

https://doi.org/10.1002/fld.1606
http://doi.wiley.com/10.1002/fld.1606
http://doi.wiley.com/10.1002/fld.1606
https://doi.org/10.1016/j.jbiomech.2020.110001


Two-Way Coupling 13

3. Boileau, E., Nithiarasu, P., Blanco, P.J., Müller, L.O., Fossan, F.E., Hellevik, L.R.,
Donders, W.P., Huberts, W., Willemet, M., Alastruey, J.: A benchmark study of
numerical schemes for one-dimensional arterial blood flow modelling. International
Journal for Numerical Methods in Biomedical Engineering 31(10), 1–33 (10 2015).
https://doi.org/10.1002/cnm.2732

4. Chen, C., Bivard, A., Lin, L., Levi, C.R., Spratt, N.J., Parsons, M.W.: Thresholds
for infarction vary between gray matter and white matter in acute ischemic stroke:
A CT perfusion study. Journal of Cerebral Blood Flow & Metabolism 39(3), 536–
546 (3 2019). https://doi.org/10.1177/0271678X17744453

5. Donkor, E.S.: Stroke in the 21st Century: A Snapshot of the Burden, Epi-
demiology, and Quality of Life. Stroke Research and Treatment 2018 (2018).
https://doi.org/10.1155/2018/3238165

6. El-Bouri, W.K., Payne, S.J.: Multi-scale homogenization of blood flow in 3-
dimensional human cerebral microvascular networks. Journal of Theoretical Biol-
ogy 380, 40–47 (2015). https://doi.org/10.1016/j.jtbi.2015.05.011, http://dx.doi.
org/10.1016/j.jtbi.2015.05.011

7. Hall, C.N., Reynell, C., Gesslein, B., Hamilton, N.B., Mishra, A., Sutherland, B.A.,
O’Farrell, F.M., Buchan, A.M., Lauritzen, M., Attwell, D.: Capillary pericytes
regulate cerebral blood flow in health and disease. Nature 508(7494), 55–60 (4
2014). https://doi.org/10.1038/nature13165

8. Hodneland, E., Hanson, E., Sævareid, O., Nævdal, G., Lundervold, A., Šoltés-
zová, V., Munthe-Kaas, A.Z., Deistung, A., Reichenbach, J.R., Nordbotten,
J.M.: A new framework for assessing subject-specific whole brain circula-
tion and perfusion using MRI-based measurements and a multi-scale contin-
uous flow model. PLOS Computational Biology 15(6), e1007073 (6 2019).
https://doi.org/10.1371/journal.pcbi.1007073

9. Iadecola, C.: The Neurovascular Unit Coming of Age: A Journey through Neu-
rovascular Coupling in Health and Disease. Neuron 96(1), 17–42 (9 2017).
https://doi.org/10.1016/j.neuron.2017.07.030

10. Józsa, T.I., Padmos, R.M., Samuels, N., El-Bouri, W.K., Hoekstra, A.G.,
Payne, S.J.: A porous circulation model of the human brain for in silico
clinical trials in ischaemic stroke. Interface Focus 11(1), 20190127 (2 2021).
https://doi.org/10.1098/rsfs.2019.0127

11. Kimmel, E.R., Al Kasab, S., Harvey, J.B., Bathla, G., Ortega-Gutierrez, S.,
Toth, G., Jaksich, E.M., Sheharyar, A., Roa, J., Hasan, D.M., Samaniego,
E.A.: Absence of Collaterals is Associated with Larger Infarct Volume and
Worse Outcome in Patients with Large Vessel Occlusion and Mild Symp-
toms. Journal of Stroke and Cerebrovascular Diseases pp. 1–6 (4 2019).
https://doi.org/10.1016/j.jstrokecerebrovasdis.2019.03.032

12. Linninger, A., Hartung, G., Badr, S., Morley, R.: Mathematical synthesis of
the cortical circulation for the whole mouse brain-part I. theory and im-
age integration. Computers in Biology and Medicine 110(February), 265–
275 (2019). https://doi.org/10.1016/j.compbiomed.2019.05.004, https://doi.org/
10.1016/j.compbiomed.2019.05.004

13. Michler, C., Cookson, A.N., Chabiniok, R., Hyde, E., Lee, J., Sinclair, M.,
Sochi, T., Goyal, A., Vigueras, G., Nordsletten, D.A., Smith, N.P.: A com-
putationally efficient framework for the simulation of cardiac perfusion us-
ing a multi-compartment Darcy porous-media flow model. International Jour-
nal for Numerical Methods in Biomedical Engineering 29(2), 217–232 (2 2013).
https://doi.org/10.1002/cnm.2520

https://doi.org/10.1002/cnm.2732
https://doi.org/10.1177/0271678X17744453
https://doi.org/10.1155/2018/3238165
https://doi.org/10.1016/j.jtbi.2015.05.011
http://dx.doi.org/10.1016/j.jtbi.2015.05.011
http://dx.doi.org/10.1016/j.jtbi.2015.05.011
https://doi.org/10.1038/nature13165
https://doi.org/10.1371/journal.pcbi.1007073
https://doi.org/10.1016/j.neuron.2017.07.030
https://doi.org/10.1098/rsfs.2019.0127
https://doi.org/10.1016/j.jstrokecerebrovasdis.2019.03.032
https://doi.org/10.1016/j.compbiomed.2019.05.004
https://doi.org/10.1016/j.compbiomed.2019.05.004
https://doi.org/10.1016/j.compbiomed.2019.05.004
https://doi.org/10.1002/cnm.2520


14 R.M. Padmos et al.

14. Olufsen, M.S.: Structured tree outflow condition for blood flow in larger systemic
arteries. American Journal of Physiology-Heart and Circulatory Physiology 276(1),
H257–H268 (1 1999). https://doi.org/10.1152/ajpheart.1999.276.1.H257

15. Padmos, R.M., Józsa, T.I., El-Bouri, W.K., Konduri, P.R., Payne, S.J., Hoekstra,
A.G.: Coupling one-dimensional arterial blood flow to three-dimensional tissue
perfusion models for in silico trials of acute ischaemic stroke. Interface Focus 11(1),
20190125 (2 2021). https://doi.org/10.1098/rsfs.2019.0125

16. Perdikaris, P., Grinberg, L., Karniadakis, G.E.: An Effective Fractal-Tree Closure
Model for Simulating Blood Flow in Large Arterial Networks. Annals of Biomedical
Engineering 43(6), 1432–1442 (6 2015). https://doi.org/10.1007/s10439-014-1221-
3, http://link.springer.com/10.1007/s10439-014-1221-3

17. Peyrounette, M., Davit, Y., Quintard, M., Lorthois, S.: Multiscale modelling
of blood flow in cerebral microcirculation: Details at capillary scale con-
trol accuracy at the level of the cortex. PLOS ONE 13(1), e0189474 (1
2018). https://doi.org/10.1371/journal.pone.0189474, http://dx.plos.org/10.1371/
journal.pone.0189474

18. Reymond, P., Merenda, F., Perren, F., Ru, D.: Validation of a One-
Dimensional Model of the Systemic Arterial Tree. American Journal of
Physiology - Heart and Circulatory Physiology 297, 208–222 (2009).
https://doi.org/10.1152/ajpheart.00037.2009.

19. Sherwin, S.J., Formaggia, L., Peirã O, J., Franke, V.: Computational modelling of
1D blood with variable mechanical properties and its application to the simulation
of wave propagation in the human arterial system. Int. J. Numer. Meth. Fluids
43(January), 673–700 (2003). https://doi.org/10.1002//d.543

20. Smith, N.P., Pullan, A.J., Hunter, P.J.: An anatomically based model of transient
coronary blood flow in the heart. SIAM Journal on Applied mathematics 62(3),
990–1018 (2002)

21. Sorimachi, T., Morita, K., Ito, Y., Fujii, Y.: Blood pressure measure-
ment in the artery proximal and distal to an intra-arterial embolus during
thrombolytic therapy. Journal of NeuroInterventional Surgery 3(1), 43–46 (3
2011). https://doi.org/10.1136/jnis.2010.003061, http://jnis.bmj.com/cgi/doi/10.
1136/jnis.2010.003061

22. Tariq, N., Khatri, R.: Leptomeningeal collaterals in acute ischemic stroke.
Journal of vascular and interventional neurology 1(4), 91–5 (10 2008),
http://www.ncbi.nlm.nih.gov/pubmed/24721756http://www.ncbi.nlm.nih.gov/
pubmed/22518231http://www.pubmedcentral.nih.gov/articlerender.fcgi?artid=
PMC3317324

23. Yu, H., Huang, G.P., Ludwig, B.R., Yang, Z.: An In-Vitro Flow Study Us-
ing an Artificial Circle of Willis Model for Validation of an Existing One-
Dimensional Numerical Model. Annals of Biomedical Engineering 47(4), 1023–
1037 (4 2019). https://doi.org/10.1007/s10439-019-02211-6, http://www.ncbi.nlm.
nih.gov/pubmed/30673955http://link.springer.com/10.1007/s10439-019-02211-6

https://doi.org/10.1152/ajpheart.1999.276.1.H257
https://doi.org/10.1098/rsfs.2019.0125
https://doi.org/10.1007/s10439-014-1221-3
https://doi.org/10.1007/s10439-014-1221-3
http://link.springer.com/10.1007/s10439-014-1221-3
https://doi.org/10.1371/journal.pone.0189474
http://dx.plos.org/10.1371/journal.pone.0189474
http://dx.plos.org/10.1371/journal.pone.0189474
https://doi.org/10.1152/ajpheart.00037.2009.
https://doi.org/10.1002//d.543
https://doi.org/10.1136/jnis.2010.003061
http://jnis.bmj.com/cgi/doi/10.1136/jnis.2010.003061
http://jnis.bmj.com/cgi/doi/10.1136/jnis.2010.003061
http://www.ncbi.nlm.nih.gov/pubmed/24721756 http://www.ncbi.nlm.nih.gov/pubmed/22518231 http://www.pubmedcentral.nih.gov/articlerender.fcgi?artid=PMC3317324
http://www.ncbi.nlm.nih.gov/pubmed/24721756 http://www.ncbi.nlm.nih.gov/pubmed/22518231 http://www.pubmedcentral.nih.gov/articlerender.fcgi?artid=PMC3317324
http://www.ncbi.nlm.nih.gov/pubmed/24721756 http://www.ncbi.nlm.nih.gov/pubmed/22518231 http://www.pubmedcentral.nih.gov/articlerender.fcgi?artid=PMC3317324
https://doi.org/10.1007/s10439-019-02211-6
http://www.ncbi.nlm.nih.gov/pubmed/30673955 http://link.springer.com/10.1007/s10439-019-02211-6
http://www.ncbi.nlm.nih.gov/pubmed/30673955 http://link.springer.com/10.1007/s10439-019-02211-6

	Two-Way Coupling Between 1-D Blood Flow and 3-D Tissue Perfusion Models

